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Abstract

Industrial design has a long history. With the introduction of Computer-Aided En-
gineering, industrial design was revolutionised. Due to the newly found support, the
design work�ow changed, and with the introduction of virtual prototyping, new chal-
lenges arose. These new engineering problems have triggered new basic research ques-
tions in computer science.

In this dissertation, I present a range of methods which support different compon-
ents of the virtual design cycle, from modi�cations of a virtual prototype and optim-
isation of said prototype, to analysis of simulation results.

Starting with a virtual prototype, I support engineers by supplying intuitive discrete
normal vectors which can be used to interactively deform the control mesh of a surface.
I provide and compare a variety of different normal de�nitions which have different
strengths and weaknesses. The best choice depends on the speci�c model and on an
engineer's priorities. Some methods have higher accuracy, whereas other methods are
faster.

I further provide an automatic means of surface optimisation in the form of min-
imising total curvature. This minimisation reduces surface bending, and therefore, it
reduces material expenses. The best results can be obtained for analytic surfaces, how-
ever, the technique can also be applied to real-world examples.

Moreover, I provide engineers with a curvature-aware technique to optimise mesh
quality. This helps to avoid degenerated triangles which can cause numerical issues. It
can be applied to any component of the virtual design cycle: as a direct modi�cation
of the virtual prototype (depending on the surface de�nition), during optimisation, or
dynamically during simulation.

Finally, I have developed two different particle relaxation techniques that both sup-
port two components of the virtual design cycle. The �rst component for which they
can be used is discretisation. To run computer simulations on a model, it has to be
discretised. Particle relaxation uses an initial sampling, and it improves it with the goal
of uniform distances or curvature-awareness. The second component for which they
can be used is the analysis of simulation results. Flow visualisation is a powerful tool
in supporting the analysis of �ow �elds through the insertion of particles into the �ow,
and through tracing their movements. The particle seeding is usually uniform, e.g.
for an integral surface, one could seed on a square. Integral surfaces undergo strong
deformations, and they can have highly varying curvature. Particle relaxation redistrib-
utes the seeds on the surface depending on surface properties like local deformation or
curvature.
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Chapter 1

Introduction

In industrial surface design, the traditional approach to designing a model typically
started with a blank sheet of paper. It involved various trial-and-error iterations of
designing a masterpiece, and manually calculating static geometric and physical prop-
erties. Physical prototypes had to be built, and experiments were conducted on the
prototype to test its physical properties [LHK+ 08]. The model was then optimised
based on expert knowledge and experience. This process was tedious and expensive
due to its high amount of material expenses, and the cost of experimenting on a physical
prototype, e.g. material, equipment, and personnel.

Computer-Aided Engineering (CAE) improved this process through the introduc-
tion of virtual prototyping. It eliminated the need to design the masterpiece drawing
on paper, and having to repeatedly draw similar versions of the model. Instead, indus-
trial surface designers can use Computer-Aided Design (CAD) tools to design a model
once, and they can easily make small changes to optimise it. It is possible to interact-
ively view the CAD model as a 3D object from different angles, where originally, each
additional view was time-consuming to draw. The capability to virtually model a pro-
totype allows engineers to quickly conduct evaluations for different sets of parameters,
based on the virtual prototype, static geometric and physical properties. As each phys-
ical prototype can take days or weeks to produce, this results in a signi�cant reduction
of not only time, but also cost.

Using virtual prototypes, engineers can evaluate dynamic physical properties early
on in the design process without having to wait for the model to be manufactured to
do experiments. They can examine the impact of small changes, and see how the
model behaves in different scenarios based on an underlying physical model. Most
importantly, virtual prototyping facilitates identifying and �xing problems early on in
the design process. This substantially reduces cost as it becomes much more expensive
if a problem is found during the physical prototyping phase, on the shop �oor, or even
by a customer [McL01].

Over the past decade, computer hardware has improved tremendously, both in terms
of processing power, and in terms of storage capacities. This has led to an increasing
amount of research in parallel computing and simulation, which has facilitated the
development of complex physical models. Using these models, it is possible to con-
duct virtual experiments under physically accurate conditions. Simulations can be run
within a much shorter time span than the time required to build a physical model, con-
duct experiments, and measure physical quantities.

1



2 CHAPTER 1. INTRODUCTION

The possibilities arising from these new technologies lead to interesting new applic-
ation problems. These application problems, in turn, trigger basic research questions
in computer science.

Computer simulation plays a valuable role in providing essential results for ap-
plication problems such as statistical mechanics problems [AT89]. It can be used to
evaluate and to improve models of the real world by comparing the results of physical
experiments to those of simulations of the model. Furthermore, it can also be used to
evaluate theories by predicting an outcome, and then comparing the predictions to sim-
ulation results. As such, simulation builds a bridge between theory and experimental
work, and it can provide insight into physical reality.

Historically, computer simulation evolved from physical manipulation and analysis
of models, e.g. of gelatine balls [MH36] or metal ball bearings [PMKW78] represent-
ing molecules in a liquid. However, using physical objects is time-consuming, expens-
ive, and limited by real-world physical properties like gravity [AT89].

Simulation is based on a mathematical model of reality which is de�ned through a
system of differential equations. Solving this system of equations is computationally
expensive. To reduce complexity, the continuous model de�ned through the system of
equations can be discretised and solved numerically. This is particularly relevant in ap-
plications like �ow simulation, which require a discretisation of the continuous model.
In �ow visualisation, scientists create visual representations of a vector �eld's simu-
lated �ow behaviour. They achieve this by inserting massless seed particles into the
�ow, and tracing their movement over time. A single particle can be traced individu-
ally, or one can trace group of particles that are seeded on a line or on a surface. This
raises a number of questions. First of all, it is not clear what constitutes a good initial
seeding. This is the step during which discretisation occurs: a set of discrete points
is created from a (potentially) continuous model. Second, all interesting application-
oriented �ow �elds are non-uniform, and scientists are very interested in �nding singu-
larities in the �eld. With a non-uniform vector �eld, it is worth investigating if it makes
sense to adapt the discretisation over the course of simulation to improve sampling.
Finally, there is the question of how to adapt the discretisation.

For virtual prototyping, a combination of CAD tools and simulation is employed.
First, a model is created using a CAD tool. This model usually attempts to mimic
the visuals imagined by the product designer. Then, it is exported into a simulation
environment to determine its physical properties. The simulation results are then eval-
uated to �nd out strengths and weaknesses. Based on this evaluation, the model is
adapted manually, fully automated, or with CAE support. This process is iterated until
one obtains a model, which ful�ls visual design criteria, and which possesses required
physical properties.

Adapting the model requires user interaction with large and complex models and
datasets. If these models are given analytically, the entire experimentation process has
to be repeated every time the model is adjusted. In many applications, models are
(also) given in discretised form. This confronts the user with the painstaking process
of moving each point individually. There is a wide range of options to support the user,
ranging from fully automated optimisation to user-guided modi�cation with a large
degree of direct control. One possibility lies within global optimisation of a parameter
of interest such as a surface's curvature or bending energy. Another possibility is to
locally optimise the model based on information from a point's neighbourhood. While
this may not result in a globally optimal solution, the methods are a lot more ef�cient,
and it is easier to predict results of local optimisation than to predict those of global
optimisation. In addition, optimisation parameters are easier to modify, resulting in
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easier steering of the modi�cation. Finally, one can give the user a large degree of direct
control of the model without requiring them to deal with individual surface points. This
can be achieved through intuitive controls, e.g. through a coarser version of the model
which acts as a control structure for the surface.

In this thesis, I focus on the interconnection of Computer-Aided Geometric Design
(CAGD) methods for surface transformation, and visualisation, keeping in mind the
potential for virtual prototyping. I combine discrete geometric methods with visual-
isation, through which I contribute to a variety of �elds (CAGD, CAE, Visualisation,
Simulation). The methods I have developed tie into different parts of the virtual design
cycle, which is depicted in Figure 1.1. I support CAGD in their development of vir-
tual prototypes. Furthermore, I provide CAE with a variety of semi-automatic and
automatic surface optimisation methods. Finally, I supply strategies to improve dis-
cretisation and mesh quality during simulation.

Figure 1.1: Virtual prototyping work�ow.

In Chapter 3, I present the results emerging from the work presented in [BHH15].
The main contribution of this work to the �eld of CAGD lies in a global deforma-
tion method which preserves geometric properties, in particular total curvature. This
serves to minimise material usage and bending energy. Surface prototyping generates
a so-called masterpiece of a new product. Usually, a masterpiece is very similar to
the �nal product, so only small modi�cations are supposed to be made. I present a
linear deformation technique for this kind of modi�cation, preserving total curvature
of the masterpiece under in�nitesimal deformation. Total curvature is directly connec-
ted to the topology of the surface, which is also directly related to the index sum of
the singularities of a vector �eld acting on this surface. This means that the proposed
deformations modify the functionality of this surface in a controlled way.

In Chapter 4, I present the results emerging from a work which is currently in sub-
mission [BH15]. The main contribution of this work to the �eld of CAE lies in the
development of an intuitive tool to modify a model. Intuitive interaction tools are in-
dispensable in supporting the adoption of virtual prototyping into the manufacturing
process, as lack of skill in its use is one of the main reasons for late adoption [McL01].
I employ visualisation and discrete geometric methods to facilitate computer-guided
optimisation. B́ezier surface patches are particularly well-suited for industrial model-
ling. First of all, they provide an intuitive control over surface shape. Second, they
possess a number of very useful properties such as the variation-diminishing property
which ensures that the surface does not wiggle more than the control mesh. Finally,
surface patches seam together very well, as two patches with identical control points
along the shared border will automatically have identical border curves. This ensures



4 CHAPTER 1. INTRODUCTION

that there is at least C0 continuity along the border. In this chapter, I de�ne a variety of
different discrete normal operators on control points of Bézier surface patches. I com-
pare their performance on various challenging Bézier curve polygons and demonstrate
the suitability of the techniques on Bézier surface patches.

In Chapter 5, I present the results emerging from the work presented in [BOJH15],
as well as further advances on this project. There are two main contributions of this
work. First of all, I contribute to the �eld of simulation through the development of a
discretisation, and surface deformation based on geometric properties. Second, I con-
tribute to the �eld of CAE through a local method to optimise the discretisation, and the
surface as a whole. Simulation of �ow behaviour requires a discretisation of the �ow
information to discrete points. Time surfaces are a common tool in �ow visualisation.
They visualise advection and deformation in �ow �elds through a triangulated mesh
that is comprised of a discretised surface. Time surfaces are a versatile tool to visualise
advection and deformation in �ow �elds. Due to complex �ow behaviours involving
stretching, shearing, and folding, straightforward mesh-based representations of these
surfaces tend to develop artifacts and degenerate quickly. Common counter-measures
rely on re�nement and adaptive insertion of new �ow particles into the surface repres-
entation. This leads to an unpredictable increase in memory requirements and has a
strong impact on parallel surface extraction techniques. I propose a novel time surface
extraction technique that keeps the number of required �ow particles constant, while
providing a high level of �delity and enabling straightforward load balancing. My solu-
tion implements a 2D particle relaxation procedure that makes use of local surface met-
ric tensors to model surface deformations. Furthermore, I propose a feature-dependent
relaxation procedure, which makes use of local curvature information to produce a sur-
face sampling that faithfully represents surface features. I combine these techniques
with an accurate bicubic surface representation to provide an artifact-free surface visu-
alisation. I demonstrate and evaluate bene�ts of the proposed methods with respect to
surface mesh quality, and performance based on three different benchmark datasets.



Chapter 2

Mathematical Background

2.1 Differential Geometry

Differential geometry is a view on geometry that is primarily concerned with the curvature
of a surface. The difference to other views is best illustrated by an example [Hag09].

Example 2.1. Consider a circle. Let x;y 2 R be x and y coordinates, r 2 R the radius
and j 2 R an angle.

Fundamental geometry A circle is the set of all points which have the same distance
from a �xed centre point.

Algebraic geometry A circle with centre (0;0) consists of all points (x;y) satisfying
x2 +y 2 = r 2 for a �xed r.

Analytic geometry A circle consists of all j satisfying
� r�sin j

r�cos j

�
for a �xed r.

Differential geometry A circle is function that has the curvature k =1r and the torsion
t = 0.

2.2 Topology

A topology [Lee11, p. 20] is de�ned by neighbourhood structures and connectivity of
a set.

De�nition 2.1 (topology). If X is a set, a topology on X is a collection T of [open]
subsets of X satisfying the following properties:

1. X and /0 are elements of T.

2. T is closed under �nite intersections: if U1; : : : ;Un are elements of T, then their
intersection

S n
i=0 Ui is an element of T.

3. T is closed under arbitrary unions: if (Ua)a2A is any (�nite or in�nite) family of
elements of T, then their union

S
a2AUa is an element of T.

A topological space [Lee11, p. 20] is a space that is de�ned by a topology. Unlike
a metric space, it does not necessarily permit to measure distances between elements.

5



6 CHAPTER 2. MATHEMATICAL BACKGROUND

De�nition 2.2 (topological space). A pair (X;TX) consisting of a set X and a topology
TX on X is called a topological space.

In a Hausdorff space, points can be separated by open subsets.

De�nition 2.3 (Hausdorff space). A topological space X is said to be a Hausdorff space
[Lee11, p. 31] if, given any pair of distinct points x;y 2 X, there exist neighbourhoods
U of x and V of y with U \V = /0.

Figure 2.1: The points x and y can be separated by their neighbourhoods.

2.2.1 Neighbourhood

De�nition 2.4 (one-ring and two-ring of neighbours). The one-ring of neighbours
N1(p i) is de�ned as all points pj which are connected to a point pi via one edge:

N1(p i) =
[

9edge(pi ;p j )

p j :

Based on this neighbourhood de�nition, one can de�ne the two-ring of neighbours
N2(p i) as all points that are connected to a point pi via at most two edges:

N2(p i) =
[

p j 2N1(p i )

N1(p j ) :

De�nition 2.5. The one-ring of triangles around a point p is called a star set [LP82].
Figure 2.2 illustrates a star set, where ji is the enclosed angle between two neighbour-
ing edges fanning out around the vertex, Ai are areas of triangles, and ai is the triangle
edge opposing p.

Figure 2.2: Star set attached to p. [LP82]



2.3. MANIFOLDS 7

2.3 Manifolds

A manifold is a topological space that locally resembles a metric space, e.g. Euclidean
space or Minkowski space (a space from relativity theory in which the scalar product
is singular).

De�nition 2.6 (manifold). An n-dimensional (topological) manifold [Lee11, p. 39]
is a Hausdorff space that is locally Euclidean of dimension n. I.e. the space is com-
pletely separable, and since it is locally Euclidean, it possesses an integral form that is
invariant.

Remark 2.1. The dimension of a manifold is determined by the number of independent
parameters needed to specify a point.

1-manifold One parameter, e.g. curve, circle. This also applies to curves in space.
You can write (x;y;z) = ( f (t);g(t);h(t)) for continuous functions f ;g;h.

2-manifold Two parameters, e.g. surface, sphere, torus, cylinder.

A differentiable manifold allows to examine derivatives etc.

De�nition 2.7 (differentiable manifold). A differentiable manifold consists of a topo-
logical manifold and a Ck atlas.

De�nition 2.8 (smooth manifold). A smooth manifold is a differentiable manifold with
a C¥ atlas.

A Riemannian manifold (M;g) is a manifold M with a metric g which allows for
measurements on the manifold independent of any embeddings.

De�nition 2.9 (Riemannian manifold). A Riemannian manifold [Lee11, p. 9] is a man-
ifold on which there is a rule for measuring distances and angles, subject to certain nat-
ural restrictions to ensure that these quantities behave analogously to their Euclidean
counterparts.

2.3.1 Tangent Bundles

At each point of an n-dimensional differentiable manifold, one can �nd a tangent space
consisting of all possible derivative vectors at that point.

A tangent bundle is the union of all tangent spaces of a manifold. It can be obtained
by taking all tangent spaces and arranging them in a smooth and non-overlapping man-
ner.

De�nition 2.10 (tangent bundle). The collection of all tangent spaces TpM at all points
p of an n-dimensional manifold M can be turned into another, 2n-dimensional mani-
fold, the tangent bundle TM.

TM =
G

p2M

TpM =
[

p2M

�T pM :

TM is a pair (p;~v), where p is a point of M and~v is a tangent to M at p.
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2.3.2 Parametrisation

De�nition 2.11 (parametrisation). In differential geometry, one usually looks at the
parametric forms of curves and surfaces rather than their implicit forms.

A parametric curve C [Far02a, p. 179] can be given as

C = C(t) =

0

@
x(t)
y(t)
z(t)

1

A ;t 2 [a;b] � R:

It is regular iff �C(t) 6= 0.
A parametric surface S [Far02a, p. 349] can be given as

S = S(u;w) =

0

@
x(u;w)
y(u;w)
z(u;w)

1

A ;u =
�

u
w

�
2 [a;b] � [c;d] � R 2 :

It is regular iff Su � S w 6= 0.
A parametrised Cr surface is a Cr -differentiable mapping S : U ! E3 of an open

domain U � E 2 into the Euclidean space E3, whose differential dS is one-to-one for
each q 2 U.

Remark 2.2.

(a) A change of variables of S is a diffeomorphism t :Ũ ! U, where Ũ is an open
domain in E2, such that t 's differential dt always has rank = 2, if the determinant
of its Jacobian matrix det(t� ) is positive and orientation-preserving.

(b) Relationship: the change of variables de�nes an equivalence relation on the class of
all parametrised surfaces. An equivalence class of parametrised surfaces is called
a surface in E3.

Figure 2.3: Standard surface parametrised with u and w.

De�nition 2.12 (derivative). For a curve C(t), derivatives with respect to the parameter
t are written as�C(t); C̈(t) [Far02a, p. 179].

�C(t) =

0

@
�x(t)
�y(t)
�z(t)

1

A :
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For a surface, the �rst derivatives are written as Su(u;w);Sw(u;w), e.g.

Su(u;w) =

0

@
xu(u;w)
yu(u;w)
zu(u;w)

1

A :

The second derivatives are Suu(u;w);Suw(u;w);Swu(u;w) and Sww(u;w), where Suw(t)
is �rst derived in u-direction, and then in w-direction.

In the remainder of this thesis, the following shorthand is used:

Su :=
¶S
¶u

;Sw :=
¶S
¶w

;Suv :=
¶2S

¶u¶w
;

or alternatively,
Si ;Sj ;Si j ; i; j 2 fu;wg:

The differential ¶S is one-to-one if and only if¶S
¶u and ¶S

¶w are linearly independent.

Remark 2.3 (symmetry of second derivatives). It is possible to change the order of
partial derivatives [Wik12, Satzvon Schwarz], i.e.

Suw(t) = S wu(t)

holds.

De�nition 2.13 (arc length). A curve's arc length parametrisation [Far02a, p. 180]

s = s(t) =
Z t

a
jj �xjjdt

is independent of any regular parametrisation (i.e.�x(t) 6= 0) because

�xdt =
¶x
¶u

¶u
¶t

¶t =
¶x
¶u

¶u

holds. ds = jj�xjjdt is called the arc element of the curve.
The derivative with respect to the arc length of a curve is denoted by a prime:

x0;u0;w0.

2.4 Moving Frames

The moving frames are a good indicator of a curve's or surface's properties. They move
along the curve, or over the surface and change depending on local properties.

De�nition 2.14 (Frenet frame). The Frenet frame [Far02a, p. 181] of a curve consists
of the three vectors t;m;b, where

t =
�x

jj �xjj
is the tangent vector,

m = b � t is the main normal vector, and

b =
�x � ẍ

jj �x � ẍjj
is the binormal vector.

Since the vectors are orthonormal (orthogonal to each other and normalised), a local
orthonormal system is obtained.
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De�nition 2.15 (Frenet-Serret formulae). The Frenet frame yields the Frenet-Serret
formulae [Far02a, p. 183]:

t0= +km

m0= �kt +tb

b0= � tm

De�nition 2.16 (Gauß frame). For a given surface, the vectors xu;xv span the tangent
plane to the surface S at x. Their cross product xu � x v coincides with the surface nor-
mal at x. The Gauß frame [Far02a] of a surface consists of the three vectors xu;xv;n,
where n = xu�x v

jjxu�x vjj is the unit normal �eld. Since xu;xv are not normalised, one can
only obtain a local af�ne system which is dependent on the parametrisation.

(a) Local af�ne frame for
curves.

(b) Frenet frame for curves (c) Gauß frame for surfaces.

Figure 2.4: Moving frames for curves and surfaces.

2.5 Curvature and Torsion

The curvature describes the curviness of a curve at a given point.

De�nition 2.17 (curvature). The curvature [Far02a, p. 184] is the change of direction
between two tangent vectors t(s) and t(s+Ds).

k = k(t) =
jj �x � ẍjj

jj �xjj3 :

Alternatively, it can also be computed from the arc length parametrisation:

k = k(s) = jjx 00jj =
¶ j
¶s

;

where j is the angle between t(s) and t(s+Ds).
At the point p (at parameter t), an osculating circle can be drawn. This is a circle

with radius r = 1
k(t) , which has the same curvature at p, and which has a tangent that is

tangential to the curve.

Example 2.2. The circle has a constant curvature. It is always k =1
r . This is obvious,

because the osculating circle is identical to the curve itself at every point.

The torsion describes, how much a curve twists out of the plane at a given point.
Torsion and curvature of a spatial curve are equivalent to the curvature of a planar
curve.
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Figure 2.5: A curve C(t) with an osculating circle at p. [Wik12, Osculatingcircle]

De�nition 2.18 (torsion). The torsion [Far02a] is the change of direction between two
binormal vectors b(s) and b(s+Ds).

t = t(t) =
det[�x(t); ẍ(t);

...
x (t)]

jj �x(t) � ẍ(t)jj
:

Alternatively, it can also be computed from the arc length parametrisation:

t = t(s) =
1
k 2 det[x0;x00;x000] = �

¶J
¶s

;

where J is the angle between t(s) and t(s+Ds).

We can de�ne a tangent plane which is spanned by the tangents of the surface. This
tangent plane, in conjunction with the surface normal, de�nes a local coordinate system
on the manifold.

De�nition 2.19.

(a) The tangent plane is a two-dimensional linear subspace TuS of E3 generated by
spanfSu;Swg, and it is called the tangent space of S at u = (u;w) 2 U.

(b) Elements of TuS are called tangent vectors.

(c) The vector �eld n := [Su;Sw]
jj[Su;Sw]jj , where [:; :] is the cross product, is called a unit

normal �eld.

(d) The map n : U ! S 2 � E 3 is called Gauß map, and the moving frame fSu;Sw;ng
is called the Gauß frame of the surface as displayed in Figure 2.6.

Some properties of the surface can be determined using the �rst and second funda-
mental forms. The �rst fundamental form allows to make measurements on the surface:
lengths of curves, angles between tangent vectors, areas of regions, etc. without refer-
ring back to the ambient space E3.

De�nition 2.20 (First fundamental form). Let S : U ! E3 be a surface. The bilinear
form of TuS induced by the scalar product h�; �i of E3 by restriction is called the �rst
fundamental form Iu of the surface [Far02a, p. 350][Kre68, p. 68].
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Figure 2.6: Gauß frame fSu;Sw;ng for the surface S.

Remark 2.4. Properties of the �rst fundamental form:

(a) The matrix representation of the �rst fundamental form with respect to the basis
fSu;Swg of TuS is given by

�
g11 g12
g21 g22

�
=

�
hSu;Sui hSu;Swi
hSw;Sui hSw;Swi

�
: (2.1)

(b) Let
g := det(gi j )

denote the determinant of the �rst fundamental form.

(c) The �rst fundamental form is symmetric, positive de�nite, and a geometric invari-
ant.

(d) The derivative of a surface S with respect to t is
�S = Su �u+Sw �w:
The �rst fundamental form corresponds to the squared arc element ds2:

ds2 =jj �Sjj2dt2

=(S 2
u �u2 +2SuSw �u �w+S 2

w �w2)dt2

=g 11du2 +2g12dudw+g22dw2 ;

where

g11 = SuSu ;g12 = SuSw ;g22 = SwSw :

(e) �
g11 g12
g12 g22

�
(2.2)

is called the metric tensor, and its inverse,
�

g11 g12

g21 g22

�
=

�
g11 g12
g21 g22

� �1

=
1

det(gjk)

�
g22 �g 12

�g 21 g11

�
: (2.3)

is called the conjugate metric tensor [Kre68, p. 113].
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De�nition 2.21 (Second fundamental form). Let u(t) de�ne a curve on the surface
S(u). We know that t0= km and t = S 0;u0= ¶u

¶s;w0= ¶w
¶s , therefore

t0= S00= Suu(u0)2 +2Suwu0w0+Sww(w0)2 +Suu00+Sww00:

Let j denote the angle between the main normal m and the surface normal n. Then

k cos j = kmn t0=km= t 0n = nSuu(u0)2 +2nSuwu0w0+nSww(w0)2 + nSu|{z}
=0

u00+ nSw|{z}
=0

w00:

Furthermore, nSu = 0 implies nuSu +nSuu = 0 etc., thus,

h11 = �S unu = nSuu;

h12 = �
1
2

(Sunw +Swnu) = nS uw;

h22 = �S wnw = nSww:

The second fundamental form [Far02a, p. 352ff] corresponds to k cos jds2:

k cos jds2 = h 11du2 +2h12dudw+h22dw2 :

The second fundamental form permits to study surface curvature and torsion. One
especially interesting consequence of the second fundamental form can be found in the
Weingarten equations which will prove useful when considering the main theorem of
this paper.

De�nition 2.22. Let S : U ! E 3 be a surface and u 2 U.

(a) The linear map L : TuS ! T uS de�ned by L := �dn u � dSu is called the Weingarten
map, or shape operator.

(b) The bilinear form IIu de�ned by IIu(A;B) := hL(A);Bi for each A;B 2 TuS is called
the second fundamental form of the surface.

Remark 2.5. Properties of the second fundamental form:

(a) The matrix representation of IIu with respect to the canonical basis fe1;e2g of TuE2

(identi�ed with E2) and the associated basis fSu;Swg of TuS is given by
�

h11 h12
h21 h22

�
=

�
h�n u;Sui h�n u;Swi
h�n w;Sui h�n w;Swi

�
=

�
hn;Suui hn;Suwi
hn;Swui hn;Swwi

�
; (2.4)

i.e.
hi j := h�n i ;Sj i = hn;S i j i :

One can assume that h12 = h 21 since the surfaces under consideration are Cr -
continuous.

(b) Let
h := det(hi j )

denote the determinant of the second fundamental form.

(c) We call two geometric objects congruent to each other iff there is an isometric
transformation (i.e. only translation, rotation, and re�ection are employed) from
one to the other. Congruences preserve lengths and angles.
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(d) The second fundamental form is invariant under congruences of E3 and orientation-
preserving changes of variables.

De�nition 2.23 (principal curvatures). The minimal and maximal curvatures k1;k2 at
a point are called the principal curvatures of a surface at p.

The Gauß curvature K = k1k2 is computed as

k1k2 =
h11h22 � h 2

12

g11g22 � g 2
12

:

The mean curvature is computed as H =1
2(k1 +k 2), where

k1 +k 2 =
h22g11 � 2h 12g12+h 11g22

g11g22 � g 2
12

:

Figure 2.7: k1;k2 are determined by rotating a plane around a point's normal vector
and �nding the minimal and maximal curvature at the given point.

De�nition 2.24 (point characteristics). Depending on the signs of k1;k2, the point on
the surface has different characteristics.

K > 0 elliptic point k1 and k2 have the same sign.
K < 0 hyperbolic point k1 and k2 have different signs.
K = 0;H 6= 0 parabolic point either k1 = 0 or k 2 = 0
K = 0;H = 0 �at point k 1 = k 2 = 0

Curvature is of great interest in the context of differential geometry. The minimal
and maximal curvatures k1;k2 at a surface point are the basis for the more interest-
ing de�nitions of mean curvature and Gauß curvature. In Chapter 3, I examine total
curvature of surfaces under deformation in normal direction.

Considering surface curves, one can derive the geometric interpretations of the
second fundamental form:

Let e := l 1Su + l 2Sw be a tangent vector with kek = 1. If the intersection of a
surface with a plane is given by n and e, an intersection curve Cy emerges with the
following properties:

C0
y(s) = e and e2 = �n;
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where e2 is the principal normal vector of the space curve Cy.
The implicit function theorem implies the existence of this so-called normal section

curve. To calculate the minimal and maximal curvature of a normal section curve (the
so-called normal section curvature), one can use the method of Lagrange multipliers.

As a result of these considerations, one can de�ne various notions of curvature:

De�nition 2.25. Let S : U ! E 3 be a surface and e = l1Su + l 2Sw a tangent vector of
S at u.

(a) The Weingarten map L is self-adjoint.

(b) The normal section curvature kn(l 1; l 2) can be computed as:

kn(l 1; l 2) =
hi j l i l j

gi j l i l j :

Unless the normal section curvature is the same for all directions (umbilical points),
there are two perpendicular directions e1 and e2, in which kn attains its absolute
maximum and its absolute minimum.

(c) e1 and e2 are the principal directions.

(d) The corresponding normal section curvatures, k1 and k2, are called principal curvatures
of the surface.

(e) Let S : U ! E 3 be a surface and Cy : I ! E 3 be a surface curve. We denote by
Ĉy(t) the orthogonal projection of Cy(t) on the tangent plane TuS at (an arbitrary)
point p := S(u). The geodesic curvature kg of y at p is de�ned as the curvature of
the projected curvêCy(t) at p. A curve Cy(t) on a surface S is called geodesic if
its geodesic curvature kg vanishes identically.

(f) kg = det( �Cy; C̈y;n), where dots denote derivatives with respect to the arc length of
Cy.

(g) H := trace(L) = 1
2 � (k 1 +k 2) is called the mean curvature.

(h) K := k 1 � k2 = det(L) = det(II)
det(I) is called the Gauß curvature.

(i) Total Gauß curvature, or short, total curvature, is de�ned as Ktot =
RR

SKdS.

Remark 2.6 (Geodesics and curvature). (a) An arc of minimum length on a surface
joining two arbitrary points must be an arc of a geodesic.

(b) Assuming the boundary of a surface is given, and a surface patch of minimal area
has to be �t, the minimal curvature of this patch has to vanish. In this case, the
mean curvature H � 0 will also vanish.

De�nition 2.26 (Bending Energy). Do Carmo [Do 76, p. 307] de�ned the energy of a
curve as

EC(j) =
Z b

a
jj(t)j 2¶t :

Similarly, based on the notion of curvature, I can de�ne bending energy of a surface S
as follows

E(S) =
Z

S
kkmink2 +kk maxk2¶S:
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2.6 Metrics

Metrics are tools to permit comparisons between elements or sets of elements.

De�nition 2.27 (metric). A distance function d(P;Q) is called a metric [Kre68, p. 6] if
it has the following properties:

1. d(P;Q) is real, �nite and non-negative.

2. d(P;Q) = 0 iff P = Q.

3. d(P;Q) = d(Q;P).

4. d(P;Q) � d(P;R)+d(R;Q)

where P;Q;R are points.

A very well-known example of a metric is the Euclidean distance:

De�nition 2.28 (Euclidean distance). For a given vector

a =
�

a1
a2

�
= a 1 �

�
1
0

�
+a 2 �

�
0
1

�
= a 1 � xu +a 2 � xw ;

the Euclidean distance describes the length of the vector as follows:

d(a;a) =
p

ha;ai =
q

a2
1 +a 2

2 :

Once the surface the distance is measured on, is not �at but curved, additional
information is needed:

ha;ai = ha1xu +a 2xw;a1xu +a 2xwi = a 2
1hxu;xui
| {z }

g11

+2a1a2hxu;xwi
| {z }

g12

+a 2
2hxw;xwi
| {z }

g22

:

Remark 2.7 (Euclidean Norm). The Euclidean distance is also known as the Euclidean
Norm. Given a vector x = (x1; : : : ;xn)T , its norm is denoted by

kxk2 =

s
n

å
i=0

x2
i :

2.7 Morse Theory

The basic concept of Morse theory can be illustrated with a mountainous landscape M
that is �ooded (since it is a theoretical landscape, the ground is not porous so all water
will remain on top). The water level (or level set) is a value a 2 R A function f : M ! R
describes the elevation, and f�1 (R) corresponds to a contour line. The region covered
by water at elevation a corresponds to f�1 (�¥;a]. The topology of this region does
not change except when a is the height of a critical point [EH10].

De�nition 2.29 (critical point). A critical point is a point at which the gradient Ñ f = 0.
Each critical point has an index that equals the number of independent directions in
which f decreases., Peaks, passes, and basins of a landscape have indices 2, 1, and 0
respectively.



Chapter 3

Preserving Total Curvature
Under In�nitesimal
Deformations

3.1 Motivation

In industrial surface generation, it is important to consider surfaces with minimal areas
for two main reasons: these surfaces require less material than non-minimal surfaces,
and they are therefore cheaper to manufacture. Based on a prototype, a so-called mas-
terpiece, the �nal product is created by optimising the surface through small deforma-
tions, either manually or automatically.

Automated surface optimisation has the main advantage that it is cheap, fast, and
it does not require user intervention. However, it requires that optimisation criteria
are de�ned in advance. Many criteria are based on geometric properties. One such
criterion is the preservation of total Gauß curvature. A low Gauß curvature indicates
low bending energy. Therefore, it is useful to limit, or even minimise, total Gauß
curvature in order to minimise the material cost and waste, as well as bending energy
[JS07, GU02].

This chapter is based on the work presented in [BHH15]. I present a global bilinear
deformation technique which preserves the total curvature of a masterpiece. In partic-
ular, I derive suf�cient conditions for these bilinear deformations to be total curvature
preserving when applied to an analytically de�ned masterpiece. Furthermore, I demon-
strate how linear deformation can be utilised to minimise total curvature.

Total curvature is used as a tool to restrict deformation by deriving a compatible
bilinear deformation function from the analytical surface de�nition. With the help of
this function, the surface is deformed in normal direction in a manner that preserves
total curvature. As such, this technique requires an analytically de�ned surface, with
analytically de�ned normals to be carried out in its pure form. However, it is possible to
empirically determine a deformation function for surfaces which are de�ned as discrete
meshes. Since every surface point is moved using the same global criterion, this is a
global deformation technique.

In Section 3.2, I give an overview of related work. In Section 3.4, I describe and

17
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prove my approach. I apply the technique to a helicoid surface in an example in Sec-
tion 3.5, In Section 3.6, I perform a case study on a more complex model, during
which the deformation is more than just in�nitesimal. I deform a part of a fandisk
model which is composed of B́ezier surface patches using a variety of linear deforma-
tion functions. Then, I analyse error for each of the functions. Finally, I conclude the
chapter in Section 3.7.

3.2 Related Work

E�mov was the �rst to introduce partial differential equations as a tool to study in�n-
itesimal bending. He gives an overview of the state of the art of in�nitesimal bendings
in his textbook [E�57]. Hagen et al. [HH98] visualise the momentarial rotation �eld
that is associated with in�nitesimal bending. They then use the structure of this ro-
tation �eld as a tool to analyse the deformations that were generated by this bending.
Hahmann et al. [HH96] investigate numerical aspects of discretising the deformation
vector �eld. Ivanova and Subitov [IKS95] examine in�nitesimal bendings of surfaces
of revolution and of polyhedra. Meziani [Mez07] studies in�nitesimal bending of ho-
mogeneous surfaces that have a �at point and positive curvature.

More recent works on in�nitesimal bending for curves and non-parametric surfaces
have been published by L. Velimirović et al. They study total mean curvature vari-
ation on oriented, boundary-free surfaces [VRZ11], and they visualise changes of bent
curves as surfaces constructed from different stages of deformation [VC11]. Eigensatz
et al. [ESP08] use curvature as a tool to control surface deformation. They extend this
work to allow various user-speci�ed local restrictions on deformation [EP09].

Other works have addressed perturbations preserving the topological form of poly-
hedra [ADPS95], and deformations preserving ambient isotopy of curves [JMM+ 08,
LP12].

To be applicable to discrete surfaces, the technique presented in this chapter re-
quires discrete curvature measures. Dyn et al. [DHKL01] compute discrete total Gauß
curvature and absolute discrete total mean curvature with the goal of mesh optim-
isation. Various other scientists have extended this work to include an area-based
weighting [LP82, Boi95, KKL02, MDSB03, LLV05, Xu06]. Kerautret et al. [KLN08]
compare different discrete curvature estimators for curves with the goal of detecting
corners. They compare osculating circle curvature estimators [CMT01], global min-
imisation curvature estimators [KL08], and binomial convolution curvature estimators
with each other. Bousquet [Bou97] introduced discrete mean curvature for an edge.
Others have extended this de�nition to vertices [LBS05], and to neighbourhoods with
non-uniform edges [LP82, Boi95, KKL02, MDSB03, LLV05].

In this work, rather than studying total curvature changes after bending, or using
curvature as a tool to deform surfaces, I employ total curvature as a tool to restrict
bending and avoid large changes. I assume a rigid material which can be bent out of
shape through exterior deformations, but which cannot be stretched in tangent direction
through interior deformations, as common in engineering [BWFS11, BIA12].
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3.3 Background

3.3.1 Weingarten Equations

It can be shown that hni ;ni = 0; i = 0;1, where n 0 = n u;n1 = n w (cf. Equation 2.4).
Thus, ni can be represented by the local frame of the tangent plane, and the following
relation holds

ni = �
2

å
k=1

hk
i Sk ; (3.1)

where the following equations

h1
1 =

h11g22 � h 12g12

g
; h2

1 =
h12g11 � h 11g12

g
; (3.2)

h1
2 =

h12g22 � h 22g12

g
; h2

2 =
h22g11 � h 12g12

g
; (3.3)

are called Weingarten equations [Do 76]. Further, the normals can be expressed in
terms of the Gauß frame, and it can be shown that the following relation holds

Si j = h i j n+
2

å
k=1

Gk
i j Sk : (3.4)

where Gki j = hSk;Si j i are called the Christoffel Symbols.

De�nition 3.1 (Christoffel Symbols). Let S : u ! E 3 be a surface with

Si j =
¶2S

¶u¶w
= Gk

i j Sk +k i j � n ;

where ki j = S i j � n, and tm is a tangent vector of the surface, i.e. tm � n = 0.

Si j � tm = Gk
i j Sk � tm+k i j n � tm| {z }

=0

= Gk
i j Sk � tm = Gk

i j gkm:

The Christoffel symbols Gi jm of the �rst kind [Kre68, p. 127] can be de�ned as

Gi jm = hSi j ; tmi = g kmGk
i j =

1
2

�
¶gi j

¶um +
¶gjm

¶ui +
¶gmi

¶uj

�
:

Thus, the Christoffel symbols Gl
i j of the second kind can be de�ned as

Gl
i j = g lmGi jm :

Remark 3.1. Christoffel symbols can not be interpreted as tensors.

3.4 Deformations

Let S(u;w) be the masterpiece of an industrial surface. Let it further be a minimal
surface (i.e. H � 0), such that it covers a minimal area. This masterpiece should be
deformed along its normal direction n(u;w) by applying a deformation function f (u;w)
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Figure 3.1: Christoffel symbols Gi for the derivative of the tangent vector t.

( f : U ! E). Deformations along the normal mean that interior deformations of the
surface are not permitted, i.e. inner bending is not possible.

I consider bilinear deformations of the form

S̃(u;w;t) := S(u;w)+t � f (u;w) � n(u;w) ; (3.5)

for t 2 (�e;e) ; g̃ = g+o(t 2) ; such that o(t2) constitutes an in�nitesimal change. The
more general case of bilinear deformations

S̃(u;w;t) = S(u;w)+t �Z(u;w) ; (3.6)

where Z(u;w) is a continuous vector �eld (Z : U ! E3), is called an in�nitesimal bend-
ing if ¶s2

t = ¶s2 + o(t 2), i.e. the difference of the squares of the line elements of these
surfaces has at least second order [E�57, HH96, HH98].

Let me �rst prove two properties of minimal surfaces. These properties will be
needed to prove Theorem 3.1.

Lemma 3.1. For a minimal surface S(u;w), i.e. a surface with H � 0, the following
statements hold

(a) [Su;nw] + [n u;Sw] = 0;

(b) hn;h11nww+h 22nuu � h 12nuw � h 12nwui = 0;

where n = [Su;Sw]
g for g = det

�
g11 g12
g21 g22

�
= g 11g22 � g 2

12:

I will prove part (a) and part (b) of this Lemma separately.

(a) Proof. To prove Lemma 3.1a, I can expand Equation 3.1 to

nu =
h12g12 � h 11g22

g
Su +

h11g12 � h 12g11

g
Sw ; (3.7)

nw =
h22g12 � h 12g22

g
Su +

h12g12 � h 22g11

g
Sw ; (3.8)
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from which I can immediately conclude the assumption:

[Su;nw] + [n u;Sw] =
h12g12 � h 22g11

g
[Su;Sw] +

h12g12 � h 11g22

g
[Su;Sw]

= (h 12g12 � h 22g11+h 12g12 � h 11g22) �
[Su;Sw]

g
= �(h 11g22+h 22g11 � 2h 12g12) � n

= �
h11g22+h 22g11 � 2h 12g12

g
�g �n

= �(k 1 +k 2) � g � n

= �2H �g � n = 0:

(b) Proof. To prove Lemma 3.1b, I �rst compute the second derivatives of n. Then,
using the Weingarten equations, I can conclude the following relations:

nuu = �
¶h1

1

¶u
Su � h 1

1Suu �
¶h2

1

¶u
Sw � h 2

1Swu;

nww = �
¶h1

2

¶w
Su � h 1

2Suw �
¶h2

2

¶w
Sw � h 2

2Sww;

nuw = �
¶h1

1

¶w
Su � h 1

1Suw �
¶h2

1

¶w
Sw � h 2

1Sww;

nwu = �
¶h1

2

¶u
Su � h 1

2Suu �
¶h2

2

¶u
Sw � h 2

2Swu:

Next, I look at the scalar product of the normal vector and its second partial deriv-
atives. From this computation, I receive all basic components needed to express
part of the formula given in Lemma (3.1)(b):

hn;nuui = �h 1
1hn;Suui � h 2

1hn;Swui = �h 1
1h11 � h 2

1h12

hn;nwwi = �h 1
2hn;Suwi � h 2

2hn;Swwi = �h 1
2h12 � h 2

2h22

hn;nuwi = �h 1
1hn;Suwi � h 2

1hn;Swwi = �h 1
1h12 � h 2

1h22

hn;nwui = �h 1
2hn;Suui � h 2

2hn;Swui = �h 1
2h11 � h 2

2h12:
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I want to show that hn;h11nww+h 22nuu � h 12nuw � h 12nwui = 0: Taking the above
results, combined with Equation 3.2, I arrive at

hn;h11nww+h 22nuu � h 12nuw � h 12nwui

= hn;h11nwwi +hn;h 22nuui � hn;h 12nuwi � hn;h 12nwui

= +h 12h1
1hn;Suwi +h 12h2

1hn;Swwi +h 12h1
2hn;Suui +h 12h2

2hn;Swui

� h 11h1
2hn;Suwi � h 11h2

2hn;Swwi � h 22h1
1hn;Suui � h 22h2

1hn;Swui

= �h 11h1
2h12 � h 11h2

2h22 � h 22h1
1h11 � h 22h2

1h12

+h 12h1
1h12+h 12h2

1h22+h 12h1
2h11+h 12h2

2h12

= �h 11h22(h1
1 +h 2

2) + (h 12)2(h1
1 +h 2

2)

= (h 11h22 � (h 12)2)(�h 2
2 � h 1

1)

=
h
g

(h12g12 � h 11g22+h 12g12 � h 22g11)

=
h
g

(�2Hg)

= �2hH = 0:

I am interested in shape-preserving modi�cation of the masterpiece. I consider in-
�nitesimal deformations which do not change the Gauß curvature, and which therefore
preserve the total curvature of the surface. A further advantage of in�nitesimal deform-
ations is that the genus of a model will be preserved. Large deformations can introduce
self-intersections.

I restrict myself to exterior deformations, i.e. deformations in normal direction.
Interior deformations, such as perturbations in the tangent plane, are not permitted.
Restricting deformation serves the purpose of exaggerating or reducing features that
are present in the masterpiece but refraining from introducing additional perturbations.
This leads to the main theorem of this chapter:

Theorem 3.1. A linear deformation

S̃(u;w;t) = S(u;w)+t � f (u;w) � n(u;w) (3.9)

of a minimal surface S(u;w) with t 2 (�e;e), and g̃ = g+o(t2) preserves Gauß curvature
if

D f := h 11 fww+h 22 fuu � 2h 12 fuw � f u(h11G1
22 � h 12G1

12+h 22G1
11)

p
g

+ f w(h11G2
22 � h 12G2

12+h 22G2
11)

p
g

= 0;

and therefore preserves the total curvature
RR

SK¶s of a minimal surface S(u;w).

S̃(u;w;t) = S(u;w)+t � f (u;w) � n(u;w) :

Proof. To examine the impact of linear deformation as given in Equation 3.9, I need to
observe changes in some surface properties. I start with normal vectors along which I
perturb the surface. Normal vectors deform as follows:

ñ(u;w;t) =
[Su;Sw] + t � [ f wSu � f uSw;n]

k[Su;Sw] + t � [ f wSu � f uSw;n]k
+o(t 2) :
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The deformed second fundamental formeII, de�ned as
�

h̃11 h̃12

h̃12 h̃22

�
=

�
hñ; S̃uui hñ; S̃uwi
hñ; S̃wui hñ; S̃wwi

�
;

can be written as

h̃11 = hn+t � [ f wSu � f uSw;n];Suu+t f uun+2t f unu +t f n uui +o(t 2)

= hn;Suui + t � h[ f wSu + f uSw;n];Suui + t f uuhn;ni+ t f hn;nuui +o(t 2)

= h 11+t � f f uu+det( fwSu � f uSw;n;Suu) + f hn;nuuig+o(t 2) ;

h̃22 = h 22+t � f f ww+det( fwSu � f uSw;n;Sww) + f hn;nwwig+o(t 2) ;

h̃12 = h 12+t � f f uw+det( fwSu � f uSw;n;Suw) + f hn;nuwig+o(t 2) ;

h̃21 = h 21+t � f f wu+det( fwSu � f uSw;n;Swu) + f hn;nwuig+o(t 2) :

I know thatK̃ = det(eII)
det(Ĩ) holds, and the determinant det(Ĩ) = g of the �rst fundamental

form is given. This determinant remains identical to det(I) up to an in�nitesimal change
under deformation. To computẽK, I have to compute the determinant of the second
fundamental form, det(eII) = h̃11 � h̃22 � h̃12 � h̃12:

det(eII) = h̃11 � h̃22 � h̃12 � h̃12

= h 11h22 � h 12h12+o(t 2)

+ t � fh 11 fww+h 11det( fwSu � f uSw;n;Sww) +h 11 f hn;nwwig

+t � fh 22 fuu+h 22det( fwSu � f uSw;n;Suu) +h 22 f hn;nuuig

� t � fh 12 fwu+h 12det( fwSu � f uSw;n;nwu) +h 12 f hn;nwuig

� t � fh 12 fuw+h 12det( fwSu � f uSw;n;nuw) +h 12 f hn;nuwig

= h 11h22 � h 2
12+o(t 2)

+ tfh 11 fww+h 11det( fwSu � f uSw;n;Sww)

+h 22 fuu+h 22det( fwSu � f uSw;n;Suu)

� 2h 12 fuw � 2h 12det( fwSu � f uSw;n;nuw)g :

As proven in Lemma 3.1b, hn;h11nww+h 22nuu � h 12nuw � h 12nwui = 0 holds. Assum-
ing fuw = f wu, one can conclude that

K̃ =
h̃11h̃22 � h̃2

12

g
+o(t 2)

= K +t � fh 11 fww+h 22 fuu � 2h 12 fuw

+h 11( fwG2
22 � f uG1

22)det(Su;n;Sw)

+h 22( fwG2
11 � f uG1

11)det(Su;n;Sw)

+2h12( fwG2
12 � f uG1

12)det(Su;n;Sw)g :

Since det(Su;n;Sw) = �det(n;S u;Sw) = �hn; [S u;Sw]i = �
p

g, the Gauß curvature
changes als follows under deformation:

K̃ = K +t � fh 11 fww+h 22 fuu � 2h 12 fuw+h 11( fwG2
22 � f uG1

22)
p

g

+h 22( fwG2
11 � f uG1

11)
p

g �2h 12( fwG2
12 � f uG1

12)
p

gg:

This concludes the proof of the main theorem of this chapter.
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3.5 Example

In the following examples, I consider linear deformations, assuming bilinear deforma-
tion function

f (u;w) = au+bw+c

which has the derivatives fu = a, f w = b, and fuw = f wu = 0.

Example 3.1 (Helicoid). I deform a helicoid S which is a minimal surface of the form

S(u;w) =

0

@
ucosw
usinw
d �w

1

A ;

with d = d0
2p , where d0 is the number of windings.

This gives us the following derivatives and normal vector:

Su =

0

@
cosw
sinw

0

1

A Sw =

0

@
�usinw
ucosw

d

1

A Suw =

0

@
�sinw
cosw

0

1

A ;

n =
[Su;Sw]

jj[Su;Sw]jj
=

2

4

0

@
cosw
sinw

0

1

A ;

0

@
�usinw
ucosw

d

1

A

3

5

�
�
�
�
�
�

�
�
�
�
�
�

2

4

0

@
cosw
sinw

0

1

A ;

0

@
�usinw
ucosw

d

1

A

3

5

�
�
�
�
�
�

�
�
�
�
�
�

=
1

p
u2 +d 2

0

@
d sinw

�d cosw
u

1

A :

Figure 3.2: A helicoid with u;w 2 [0;6p];d =3
2p .
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Next, I compute the elements gi j of the �rst fundamental form, and the elements
hi j of the second fundamental form.

g11 = hSu;Sui = cos 2w+sin2w+0 = 1

g12 = hSu;Swi = �usinwcosw+usinwcosw+0 = 0

g22 = hSw;Swi = u 2sin2w+u2cos2w+d 2 = u 2 +d 2

h11 = hn;Suui =
d sinwcosw �d coswsinw

p
u2 +d 2

= 0

h12 = hn;Suwi =
�d sin 2w�d cos 2w

p
u2 +d 2

=
�d

p
u2 +d 2

h22 = hn;Swwi =
�ducoswsinw+ducoswsinw

p
u2 +d 2

= 0:

Computing D f for surface S and a deformation function f , and setting D f = 0
(Theorem 3.1) yields

D f = h 11 fww+h 22 fuu � 2h 12 fuw � (h 11G1
22 � h 12G1

12+h 22G1
11) � fu

p
g

+ (h 11G2
22 � h 12G2

12+h 22G2
11) � fw

p
g

= 0 � f ww+0 � f uu � 2
�d

p
u2 +d 2

� fuw

�
�

0 �G1
22 �

�d
p

u2 +d 2
G1

12+0 �G1
11

�
� fu

p
u2 +d 2

+
�

0 �G2
22 �

�d
p

u2 +d 2
G2

12+0 �G2
11

�
� fw

p
u2 +d 2

=
2d

p
u2 +d 2

� fuw+d �0 � f u +d �u � f w

=
2d

p
u2 +d 2

� 0+du � fw

= du � f w

= du �b != 0

, b = 0;

since G112 = hSuw;Sui = 0 and G2
12 = hSuw;Swi = u:

Therefore, to make the deformation (total) curvature-preserving, the bilinear distri-
bution function has to be simpli�ed to the form au+c.

The resulting deformation is shown in Figure 3.3. The in�uence of the linear coef�-
cient a 2 f0;0:5;1g is given in the �rst row: in the beginning, the surface is a helicoid,
but with increasing a, it deforms to a funnel. This effect is ampli�ed by the scaling
parameter t 2 f1:2;1:4;1:6g, since both are multipliers for the normal, as seen in the
second row. The in�uence of the constant coef�cient c 2 f0;0:5;1g is given in the third
row: in the beginning, the helicoid's centre curve is a straight line, but with increasing
c, it deforms into a helix, dragging along the adjacent portions of the surface. The last
row demonstrates the effect of t 2 f2;3;4g on this additive portion: the almost vertical
surface parts are stretched from little more than a line to long sheets hanging down.

In real-world examples, parameters have to be chosen carefully (and small) to avoid
such drastic deformations. I used extremely large parameters for the example in Fig-
ure 3.3 to exaggerate the effect of each parameter on the deformation. Realistically,
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(a) f = 0;t = 1 (b) f = 0:5u;t = 1 (c) f = u;t = 1

(d) f = u;t = 1:2 (e) f = u;t = 1:4 (f) f = u;t = 1:6

(g) f = 0;t = 1 (h) f = 0:5;t = 1 (i) f = 1;t = 1

(j) f = 1;t = 2 (k) f = 1;t = 3 (l) f = 1;t = 4

Figure 3.3: The impact of deformation on the helicoid, shown separately for a;c;t. In
the �rst and third row, only f = au + c is varied. The �rst row shows a varying coef-
�cient a with a �xed coef�cient c = 0, while the third row shows a varying coef�cient
c with a �xed coef�cient a = 0. For the second and fourth row, I keep f �xed, while
varying the scaling parameter t in order to demonstrate the in�uence of scaling on the
linear and constant coef�cients. Figures (3.3a) and (3.3g) display the same surface
from different perspectives.



3.6. CASE STUDY 27

(a) f = 0:5u. (b) f = 1u.

(c) f = 0:5. (d) f = 1.

Figure 3.4: Plot of DKtot (vertical) over increasing t (horizontal) up to jDKtotj = 1.

one has to choose a much smaller t since I assume o(t2) to be negligible in my proof.
Thus t < 1 arises as a necessary requirement.

With an initial Ktot = 0:0011, I examine changes of up to a total of DKtot = 1.
The discretised helicoid consists of 10201 points, so this results an average change of
0:000098 in Gauss curvature per point. This threshold is �rst reached for t = 0:015
with f = 1, and it is last reached for t = 0:086 with f = u in the presented example.

In Figures 3.4 and Figures 3.5, I use the same deformation function parameters as
in Figure 3.3. Both Figures illustrate how DKtot changes with increasing t. In Fig-
ure 3.4, I show the change until the threshold of DKtot = 1 is reached. In Figure 3.5,
I continue deforming until t = 1:6, the maximum deformation used for the upper half
of Figure 3.3, to demonstrate the instabilties occuring for large t. In these cases, the
prototype of a model has to be adapted before applying further in�nitesimal bendings.

For this particular example, the signs of a and c do not affect DKtot when varied
individually since the helicoid is symmetric and applying the deformation with the
opposite sign results in a similar deformation in opposite direction.

3.6 Case Study

Large industrial surface models are typically composed of smaller parts. E.g. consider
a turbine: it is composed of fan blades, fandisks, and many other components. It would
not necessarily make sense to deform the entire model at once, but it is relatively easy
to modify a single part like a fan blade or a fandisk.



28 CHAPTER 3. PRESERVING TOTAL CURVATURE

(a) f = 0:5u. (b) f = 1u.

(c) f = 0:5. (d) f = 1.

Figure 3.5: Plot of DKtot (vertical) over increasing t (horizontal) up to t = 1:6.

Example 3.2 (Fandisk). In this example, I present deformations on Hoppe's fandisk
model [Hop96]. I have recreated the part marked in the rendering of the original model
(Figure 3.6a) from B́ezier surface patches (Figure 3.6b). As most real-world examples,
this model has hard edges. I preserve them as surface patch boundaries between adja-
cent patches. To deform the entire model rather than a single patch at a time, I take the
average of adjacent surface normals to perturb edges. Note, that this is only possible
for oriented manifolds.

I now take the technique I developed for minimal surfaces and adapt it to general
surfaces. My goal remains to keep the surface area as low as possible.

Now, I deform all surface patches with

S̃(u;w;t) = S(u;w)+t � f (u;w) � n(u;w) ;

where
f (u;w) = au+bw+c

is my deformation function.
In Figure 3.7, I demonstrate the effect of isolated changes of a;b;c on the deform-

ation. Figure 3.8 extends this by illustrating deformations for a range of different para-
meter combinations. Note that the colour map in Figures 3.6b, 3.7, and 3.8 depends
on the Gauß curvature at each point. This means that blue areas are minima of Gauß
curvature, red areas are maxima of Gauß curvature relative to the rest of the model, and
white areas are close to the median Gauß curvature.

In Figure 3.9, I show changes in DKtot over a deformation with t 2 [0;10]. For
relatively small values of t, the deformation-induced change is stable. However, as
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(a) Model shown in Blender. (b) Recreated as surface patches.

Figure 3.6: Fandisk model by Hoppe [Hop96] and a portion of it recreated from Bézier
surface patches.

(a) f (u;w) = u. (a > 0) (b) f (u;w) = w. (b > 0) (c) f (u;w) = 1. (c > 0)

(d) f (u;w) = �u. (a < 0) (e) f (u;w) = �w. (b < 0) (f) f (u;w) = �1. (c < 0)

Figure 3.7: Fandisk model under deformation with t = 0:1.
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(a) f (u;w) = u �w (b) f (u;w) = �u+w

(c) f (u;w) = 2u �2w (d) f (u;w) = �2u+2w

Figure 3.8: Isolated change of one parameter at a time with t = 0:1.
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(a) f = u. (b) f = w. (c) f = 1.

Figure 3.9: Change in DKtot for t 2 [0;10].

the deformation grows, instabilities begin to occur for t approximately between 0:5
and 2:0. For extremely large values of t, the deformation is stable again, however the
deformed surface no longer looks similar to the original one.

3.7 Conclusion

The goal of this work is to deform the masterpiece in a meaningful way, i.e. enhance
or decrease features. This can be done by perturbing in normal direction. Since there is
a direct connection between total curvature and bending energy, the restriction of total
curvature serves to restrict the bending energy. This maintains a surface area that is as
minimal as possible and therefore reduces material cost.

I have presented a method to perturb surfaces without altering their total curvature,
thereby keeping their bending energy low. This results in surfaces with a small surface
area which can be manufactured at lower cost than surfaces, which have a higher total
curvature or a higher bending energy. The surface and the deformation function given
in Example 3.1 have simple analytic descriptions, so it is possible to make all compu-
tations manually. For the surface in Example 3.2, this is not possible since it requires
the de�nition of normals on sharp edges.

I can deform a surface in normal direction, both outward ( f (u;w) > 0) to increase
features, and inward ( f (u;w) < 0) to decrease features. While the examples in Fig-
ure 3.3 only present the results for deformation with a positive f , the results look very
similar (but upside down) for a negative f .

In real-world examples, the surface description is a lot more complicated, making it
more dif�cult to comprehend, what exactly happens to the surface during deformation.
A lot of such complex models possess sharp edges on which tangents and normals are
not clearly de�ned. In these cases, they have to be estimated from the neighbourhood
of an edge, which can be achieved using the methods presented in the next chapter.

My method is subjected to the same numerical limitations as partial differential
equations. Correctness has been proven for objects with an analytic description. How-
ever, total curvature preserving deformation can also be used for discrete surfaces.
The biggest challenge with discrete surfaces is �nding a suitable deformation func-
tion. It requires expert knowledge to empirically determine it, so user intervention
is required. However, given such a function, the technique is applicable to discrete
meshes at the sacri�ce of accuracy. In my �rst example, I computed normals, tangents,
and the deformation function analytically, but the actual deformation is performed on
a discretised version of the model. Given an arbitrary mesh, the technique is lim-
ited by the availability of tangents and normals. Solutions to this are presented by
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[MDSB03, TDR99, TW97], as well as in Chapter 4. If the surface has a boundary, I
am, again, limited by the availability of tangents and normals. However, given this in-
formation, the deformation procedure does not discriminate between boundary points
and interior points. For a single surface patch, the normal vectors and tangent vectors
on the boundary can be assumed to be identical to those in their neighbourhood.

In this chapter, I have presented a global deformation method which uses curvature
as a tool to restrict deformation. While normals are computed analytically for this
method, I present a variety of semi-local methods to determine normals from a discrete
surface structure in Chapter 4. In Chapter 5, I present a fully local technique which
uses curvature as a tool to drive deformation rather than restricting it. Once the surface
model of a virtual prototype has been constructed, engineers can investigate physical
properties, or interaction of the environment (e.g. air) with the surface model by us-
ing simulation. Chapter 5 provides solutions to some of the challenges arising during
simulation.

One challenge for possible future work is to apply my deformations in a way that
preserves the index sum of all singularities of a vector �eld de�ned on this surface, and
that also leaves the indices of each singularity unchanged.



Chapter 4

Discrete Normal Fields for
Bézier Polygons and B́ezier
Meshes

4.1 Motivation

Surface prototyping is a prevalent method in engineering, which is used during the
manufacturing process. As a �rst step, a masterpiece is created, which constitutes
a draft that already provides a general idea of surface shape, but which allows for
small additional changes. This �rst draft already contains all desired features butit still
requires optimisation by an industrial surface designer to make it suitable for its task.
In order to manipulate the model, e.g. by deforming the surface in normal direction,
the engineer has to interact with the model. Moving each surface point individually
is inef�cient, and it requires tedious work. Often, models are given as collection of
Bézier surface patches to facilitate interaction. Instead of manipulating the surface
directly, an industrial surface designer can work with the control mesh, a much coarser
representation of the surface. Complex models can be obtained by stitching together
surface patches that share boundary vertices.

In the previous chapter, I presented a deformation technique that deforms the entire
surface in normal direction. This requires an analytic surface description, even for dis-
cretised surfaces, since one has to de�ne a normal vector for each point of the surface.
If a normal �eld is provided, it is possible to minimise total Gauß curvature of a discrete
surface (e.g. a surface mesh). One of the main issues with analytically given surfaces
is that in most applications, engineers think in terms of shapes and surface properties
(e.g. aerodynamics) rather than equations.

To an industrial surface designer, the shape and features of a surface are more
relevant than its exact geometric properties. During the design process, features are
enhanced or diminished. In this process, support through intuitive and ef�cient means
of interaction is essential. This is especially true for interaction with large and complex
models.

For surfaces that have a simple analytical description, such as the helicoid, the nor-
mal �eld along which a surface is deformed can be computed easily. If I want to apply
the same kind of deformation to a Bézier curve or surface, determining the normal for

33
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every point on the surface is technically possible, however it is computationally ex-
pensive. Instead, one can exploit the properties of Bézier curves and surfaces: rather
than moving each surface point in normal direction, it is possible to move the control
points. If a mesh point is moved, the entire surface patch is adapted automatically,
and the surface remains continuous. If normals are provided, moving control points in
normal direction is a fast, easy, and ef�cient interaction device for industrial surface
designers. However, this requires the presence of normals for the control polygon or
control mesh.

In this chapter, I propose the construction of a discrete normal �eld on the polygon
to achieve this goal. This saves a lot of computation time, but it also poses the question
of how the normal of a control point should be de�ned.

My goal is to preserve the end points as given and only modify the inner control
points of a polygon or mesh. This means that several patches can be combined to
represent a surface without creating holes during deformation1. If I wanted to move
the end points, the normal would be very easy to compute since the tangent vector or
tangent plane is given immediately by the Bézier structure.

After an overview of related work, and a short introduction to the notation used
in this paper,I present four different possibilities to compute normals at control points
for curves and surfaces (Section 4.4), as well as two steps to considerably improve the
results and to ensure a higher degree of robustness (Section 4.5). In Section 4.6, I give a
detailed comparison of the different methods, their advantages and limitations. Finally,
Section 4.7 concludes my work and highlights some special cases which are unlikely
to occur in industrial surface design, yet may be of value to other applications.

4.2 Related Work

On an analytic surface, normal vectors can be de�ned analytically. For discrete sur-
faces this is not possible. Instead, vertex normals have to be de�ned based on the
neighbourhood of each point. There have been various works focusing on discrete
normal de�nitions.

Grinspun et al. [GGRZ06] use a normal map to determine the normal at each point.
They approximate the mid-edge normal by �tting a quadratic curve interpolating the
edges' end point.

Vertex normals are assumed to be provided for Phong Shading [BB06], which uses
normals to produce a visually smooth rendering of discrete surfaces. Intermediate nor-
mals along an edge are interpolated linearly, and normalised.

Langer et al. [LBS05] approximate vertex normals by using a weighted average of
the surrounding one-ring of triangles.

Mitra et al. [MNG04] present a normal estimation for point cloud data in R2 and
R3, which attempts to bound error through a least square approach. They prove the
existence of bounds of errors which are introduced through curvature and noise.

Max [Max99] derive weights for vertex normals computed from face normals by
assuming that the surface locally approximates a sphere. These weights are therefore
exact if the object is a (even irregular) tessellation of a sphere. However, it is unclear
how this approximation behaves on more complex meshes, since no error bounds are
de�ned [MDSB03].

1Preserving higher order continuity requires more constraints than this, but at least I keep the topological
classi�cation.
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Nehab et al. [NRDR05] improve point positions and normals from 3D scans by
optimising position error �rst and then using surface tangents to correct the normal
error.

Thürmer and Ẅuthrich [TW97, TW98] estimate normals on the surface of a voxel-
ised object by looking at the three-ring of neighbours and combining the values at these
points with weighting factors that take distance on the (regular) grid into account. This
results in a de�nition of the normal vector which is independent of the shape or length
of the adjacent faces. Therefore, it is not suitable for irregular meshes.

Meyer et al. [MDSB03] de�ne local vertex areas AM which are used based on the
work of Pinkall and Polthier [PP93]. Vertex normals are computed as the weighted
sum of all edges .

Dyn et al. [DHKL01] present a method for 3D triangulation optimisation through
discrete curvature. They employ a local cost function based on discrete total Gauß
curvature and discrete total mean curvature and minimise it. An optimal triangula-
tion is obtained through sequential edge �ipping. Subsequently, they employ butter�y
subdivision. The resulting meshes seem to be smoothed.

4.3 Notation

Bézier surfaces are a prevalent tool for surface modelling in the automotive industry
since they are intuitive and easy to use. They build on the same concept as Bézier
curves but they possess slightly different properties

De�nition 4.1 (B ézier curves). A B́ezier curve C(t) of degree n for control points pi
is de�ned as

C(t) =
n

å
i=0

Bn
i (t)p i ;

where

Bn
i (t) =

�
n
i

�
(1 � t) n�i t i

are called the Bernstein polynomials.
Its derivative is given as

C0(t) = n
n�1

å
i=0

Bn�1
i (t)(p i+1 � p i) :

Bézier curves possess a couple of important properties [Far02b]:

Af�ne Invariance The curve is invariant under af�ne maps. This allows us to deform
the control polygon instead of changing the curve directly.

Convex Hull The curve always lies inside the convex hull of all control points. This
makes its shape intuitive to approximate from its polygon.

Endpoint Interpolation The curve interpolates the polygon at the end points. In
design, it is usually required that the end points of a curve are in speci�c po-
sitions.

Pseudo-Local Control Each Bernstein polynomial Bn
i (t) has exactly one maximum

which lies at tk = i
n. This means that control point pi has the biggest in�u-

ence near the curve point C(tk). This gives a pseudo-local control over the
curves [Far02b, p. 62].
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Variation-Diminishing The curve mimics the shape of the polygon. If it is intersected
with any line (or plane in 3D), there are at most as many curve intersections
as there are polygon intersections [Far02b, p. 84]. This means that a convex
polygon will always produce a convex curve, but a non-convex polygon may not
necessarily produce a non-convex curve.

De�nition 4.2 (B ézier surfaces). A Tensor Product Bézier patch (in the following:
Bézier surface) S(u;w) of degree m�n for control points pi j is de�ned as

S(u;w) =
m

å
i=0

n

å
j=0

Bm
i (u)Bn

j (w)p i j :

Its derivatives in u– and w–direction are given as

Su(u;w) = n
m�1

å
i=0

n

å
j=0

Bm�1
i (u)Bn

j (w)(p i+1; j � p i j ) ;

Sw(u;w) = m
m

å
i=0

n�1

å
j=0

Bm
i (u)Bn�1

j (w)(p i; j+1 � p i j ) :

Bézier surfaces possess a couple of important properties:

Af�ne Invariance and Convex Hull The surface is invariant under af�ne maps, thus
allowing deformation of the control mesh instead of each surface point. In addi-
tion, the surface always lies inside the convex hull of all control points.

Boundary Curves The surface interpolates the control mesh at the end points. Since
the mesh has B́ezier polygons along its border, the surface borders are com-
prised of B́ezier curves. This is very useful in design since you can achieve
C0-continuity simply by re-using border control points.

No Variation-Diminishing This property is not well-de�ned for B́ezier surfaces. E.g.
it is easy to imagine a line that intersects the surface but not its polygon.

De�nition 4.3 (Hessian Normal Form). A plane can be de�ned by its normal and its
distance from the origin:

ax +by+cz+d = 0 ,
nxx +nyy+nzz+d0p

a2 +b 2 +c 2
= 0;

where n = (nx;ny;nz)T . I get n � x = �d 0, where x is a random point on the plane and
d0 can be calculated using scalar projection. This is called the Hessian Normal Form
[GGH+ 89].

Then the point-plane distance for a given point x0 is given by

D =
n

knk
x0 +d 0 :

An illustration of this relationship can be found in Figure 4.1.
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Figure 4.1: The Hessian Normal Form can be used to determine the distance D of point
x0 to the plane de�ned by x and n.

4.4 Normal Approximation Methods

When deforming a B́ezier curve or a B́ezier surface in normal direction, it is very in-
ef�cient to perform this for every single surface point since each point's normal would
have to be computed, and then every single point would have to be moved. Instead, one
can deform the control polygon and simply recompute the curve or surface afterwards.
Hence, it is suf�cient to determine normals for the control polygon. The elongated
normals of control points should be orthogonal to a curve or surface, while avoiding
unnecessary intersections with other parts of the control polygon or curve between the
given curve and control as demonstrated in Figure 4.2.

Figure 4.2: Ideal normals for a curve's control polygon.

Some of the methods I present in this section assume the presence of normal vectors
for the curve or surface. For the purpose of this section, I assume that these normal
vectors can be computed upon request, and that all normal vectors point towards the
same side of the surface.

I compare four different normal approximation strategies. First of all, the nor-
mal can be approximated from the control structure, as presented by Grinspun et
al. [GGRZ06]. While the results are not very exact, polygon-based (or mesh-based)
normals are very easy to compute and provide a good �rst intuition of the effect a de-
formation will have, as summarised in Section 4.4.1. Second, I consider the curve point
that has the same relative position on the curve as the control point has on the polygon.
These parameter-based normals are presented in Section 4.4.2. Inspired by the concept
shown in Figure 4.2, I determine direction-based normals. This is achieved by �nding
the curve point for which a straight line in normal direction runs through the control
point, as outlined in Section 4.4.3. Finally, distance-based normals can be obtained by
choosing the normal of the curve point that has the smallest distance from a control
point. I present this in Section 4.4.4.
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4.4.1 Control Structure Based Normal Approximation

Discrete normals can be computed for any discrete curve or surface by averaging the
normals of adjacent edges or faces, as covered in literature [GGRZ06, LBS05].

Polygon-Based Normals for Curves

Assume B́ezier curve is de�ned by control points pi as seen in Figure 4.3a. Each edge
pi�1 pi has a normal ni�1 from which the control point normals are approximated.

These edge normals are computed as follows:
Let ci�1 = p i �p i�1 ;ci = p i+1 �p i be edge vectors pointing from one control point

to the next, and let v = pi+1 � p i�1 be the vector completing a triangle between these
points, as illustrated in Figure 4.3. Then, I can de�ne normal of the plane spanned by
points pi�1 ;pi ;pi+1 :

nspan= v � c i�1 = c i � v ;

which can be used to de�ne the desired normals

ni�1 = n span� c i�1 ;

ni = n span� c i :

If the control polygon is not planar, the edge normals for inner edges (i.e. edges
which do not contain an end point of the polygon) are not unique as both end points
contribute a normal calculation. As inner edges are only used to determine control
point normals, this does not impact the method at hand. However, if they are needed
independently, an average of the two normals can be used.

(a) For curves, the control point's normal is com-
puted as the weighted average of the adjacent
edges' normals.

(b) For surfaces, the it is computed as the
weighted average of the spanned triangles' nor-
mals.

Figure 4.3: Approximation of normals from the control structure.

By taking the unweighted average of the two normals ni�1 ;ni , the control point's
normal n0

i corresponds to the bisecting line of the angle between the neighbouring
polygon edges. Long edges have a bigger in�uence on curve shape than short ones.
Hence, I adapt the method and compute the normal direction n0

i�1 at control point pi as
the weighted arithmetic average of the adjacent edges' normals

n0
i�1 =

1
kpi � p i�1 k

ni�1 +
1

kpi+1 � p ik
ni :
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For the end points, the edge normal of the edge starting from the end point is used.
A comparison of these two approaches is presented in Figure 4.4. The difference

between these two approximations is noticeable, as the distance between the original
curve and the deformed curve changes much more when deforming with non-weighted
normals, and it stays more uniform for weighted normals.

(a) Arithmetic average. (b) Weighted average.

Figure 4.4: Comparison of unweighted and weighted polygon-based normals for con-
trol points.

Polygon-Based Normals for Surfaces

For a B́ezier surface with a given control mesh as sketched in Figure 4.3b, pi j denote
the points, Ai j are the areas of adjacent triangles that are spanned by corresponding
edges, and ni j are the normals at control points.

The normal is now computed as the weighted average of neighbouring face nor-
mals. This neighbourhood consists of the star set. A star set is de�ned as the set of all
triangles which are spanned by adjacent edges that fan out from a point. As weights, I
use the relative area of each triangle Ai j in relation to the area of the entire star setĀ.

ni j =
n

å
k=0

Ak

å n
l=0 Al

(ck � c k+1 mod n) ; 0 � k � n ;

where ck are the edges fanning out from pi j , n is the number of triangles spanned
by the edges, and Ak are the areas of these triangles.

Along the control mesh boundary, each control point normal is computed from only
two triangle normals, and for corner points, only a single triangle normal is used.

4.4.2 Parameter-Based Normal Approximation

In order to approximate a normal based on parameters, I compute the relative position
of a control point in the polygon. Then, I obtain the normal of the curve or surface
point with corresponding relative position on the curve or surface.
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Parameter-Based Normals for Curves

A simple solution would be to set the relative position parameter tr to tr = i
n+1 , mim-

icking the pseudolocal control property provided by Bézier curves. However, this only
produces sensible results if all control polygon edges have similar lengths. Therefore,
the edge length should be considered for the relative parameter. A comparison of para-
meters with and without this consideration is given in Figure 4.5. If the edges of a
control polygon have different lengths, this should be considered during the computa-
tion. Therefore, I compute the relative position tr of a control point pr as the sum of
edge lengths from the �rst control point to the current control point divided by the edge
length of the entire polygon:

tr =
å r�1

i=0 kpi+1 � p ik

å n�1
i=0 kpi+1 � p ik

:

This tr 2 [0;1] can be used as a parameter for C to get the point C(tr ). Then, the
normal of curve point pr is the normal of C(tr ), i.e. n(tr ). If a control polygon's edges
have uniform length, this corresponds exactly to tr = i

n+1 .

Figure 4.5: The relative parameters tr , independent of edge length (left) and considering
edge length (right). The very short second edge and the very long third edge lead to a
distortion of the relative parameter.

Parameter-Based Normals for Surfaces

Similarly, the relative positions urs;wrs with respect to a row or a column of control
points prs of the mesh are computed as

urs =
å r�1

i=0 kpi+1;s � p i;sk

å n�1
i=0 kpi+1;s � p i;sk

;

wrs =
å s�1

j=0 kpr; j+1 � p r; j k

å m�1
j=0 kpr; j+1 � p r; j k

:
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Using these parameters, one can obtain the surface point S(urs;wrs) which provides
its normal n(urs;wrs) for the control point prs.

First, the relative parameters u0 j;um j along the boundary columns, and wi0;win
along the boundary rows have to be determined. Then, all ui j can be computed by
marching along the polygon column from wi0 to win. Similarly, all wi j can be computed
by marching along the polygon row from u0 j to um j.

For example, urs;wrs can be determined by computing u0s;ums;wr0;wrn and then
�nding the appropriate point between each pair.

Figure 4.6 sketches how the relative parameter is computed.

(a) Parameter-based normals for curves
(r = 2).

(b) Parameter-based normals for surfaces (r =
1;s = 2).

Figure 4.6: Approximation of normals from parameter values.

4.4.3 Direction-Based Normal Approximation

My goal is to determine a normal for each control point such that a straight line in
normal direction through the control point and the curve itself are orthogonal at the
intersection point, as demonstrated in Figure 4.2. It is possible to determine this normal
exactly by �nding the curve parameters for which this is the case.

Direction-Based Normals for Curves

I want to �nd a normal n(tk) such that the following holds for a parameter tk and a
suf�ciently large constant s > 0.

C(tk) +s �n(t k) = p i for i 2 f1; : : : ;n � 1g:

For each parameter t, the tangent C0(t) is orthogonal to the normal plane of the
curve. Using the Hessian Normal Form, the normal plane for a point on the curve
can be de�ned using the corresponding tangent vector. This is the plane to which the
tangent vector is orthogonal:

C0(tk)
kC0(tk)k

x = �d 0 :

The distance d0 of this plane from the origin is the scalar projection of C(tk) onto
the plane's normal (the curve's tangent vector C0(tk)):

d0 =
C(tk) �C0(tk)

kC0(tk)k
:
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Therefore, I only need to test if a control point lies in the normal plane. This is the
case when its distance to the plane equals zero:

D =
C0(tk)

kC0(tk)k
pi +d 0

!= 0:

Figure 4.7 sketches this construction: if pi lies inside the plane, then D = 0. In
case of discrete curves, D = 0 may never occur. Then, the parameter tk leading to the
minimal D is chosen:

min
tk

jDj = min
tk

�
�
�
�

C0(tk)
kC0(tk)k

pi +d 0

�
�
�
� :

Figure 4.7: Determining the distance Di between a normal plane and a control point pi
using the Hessian Normal Form.

Direction-Based Normals for Surfaces

I want to �nd a normal n(uk;wl ) such that the following holds for parameters uk;wl
and a suf�ciently large constant s > 0.

S(uk;wl ) +s �n(u k;wl ) = p i j for i 2 f1; : : : ;n � 1g; j 2 f1; : : : ;m �1g:

For each parameter set u;w, the tangents Su(u;w);Sw(u;w) are orthogonal to the
normal plane of the surface. Using the Hessian Normal Form, the normal planes for a
point on the surface can be de�ned using the corresponding tangent vectors.

Su(u;w)
kSu(uk;wl )k

x = �d u0;
Sw(u;w)

kSw(uk;wl )k
x = �d w0:

The distances du0;dw0 of these planes from the origin are the scalar projections of
S(uk;wl ) onto the planes' normals:

du0 =
S(uk;wl ) �Su(uk;wl )

kSu(uk;wl )k
dw0 =

S(uk;wl ) �Sw(uk;wl )
kSw(uk;wl )k

:

Therefore, I only need to test if a control point lies in the normal plane. This is the case
when its distance to a plane equals zero:

Du =
Su(uk;wl )

kSu(uk;wl )k
pi j +d u0

!= 0;

Dw =
Sw(uk;wl )

kSw(uk;wl )k
pi j +d w0

!= 0:
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In case of discrete surfaces, Du 6= 0 and Dw 6= 0 can occur. Then, we use parameters
uk;wl which lead to minimal Du;Dw:

min
uk

jDuj = min
uk

�
�
�
�

Su(uk;wl )
kSu(uk;wl )k

pi j +d u0

�
�
�
� ;

min
wl

jDwj = min
wl

�
�
�
�

Sw(uk;wl )
kSw(uk;wl )k

pi j +d w0

�
�
�
� :

The normal n is then given by n(uk;wl ).

4.4.4 Distance-Based Normal Approximation

The normal of a curve or surface point closest to a control point often runs through the
control point. Therefore, I can compute this normal in an alternative way. For direction-
based normals, I searched for the curve or surface point which has the smallest distance
to the control point. Now, I minimise the distance between a control point and the curve
or surface points directly.

Distance-Based Normals for Curves

The closest curve point can be found by computing the parameter tk with minimal
distance

min
tk

kpi �C(t k)k :

The normal at point C(tk) is n(tk), so the control point pi is assigned n(tk) as its
normal.

Since I have to go over the whole parameter vector t for n � 2 of the n control
points, I end up with a complexity of O(n � t).

Distance-Based Normals for Surfaces

The corresponding surface point can be found very easily by computing the pair of
parameters (uk;wl ) with minimal distance

min
(uk;wl )

kpi j � S(u k;wl )k :

The normal at point C(uk;wl ) is n(uk;wl ), so the control point pi j is assigned
n(uk;wl ) as its normal.

Since I have to go over the whole parameter vectors u;w for (m � 2) � (n � 2) of
the m �n control points, I end up with a complexity of O(mn �uw).

4.5 Adjustments

In Figure 4.8, the results of all previously introduced strategies are depicted for curves.
As one can see, deforming the control polygon in normal direction yields results which
no longer resemble the original curve. There are two main improvements to be made
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Normal Orientation I adapt normal orientation to improve feature preservation. If
all normals point towards the same side of a non-convex object, deforming in
this direction eventually results in a convex shape, and therefore in a loss of
features. Instead, normals should always point from the curve or surface towards
the control structure. E.g. curve normals should point left during a right turn,
and right during a left turn.

Local In�uence I restrict the search for a normal to the neighbourhood around the
control point. This increases ef�ciency as fewer points have to be considered,
and the resulting normals lead to a more faithful representation of the curve or
surface.

(a) Polygon. (b) Parameter. (c) Direction. (d) Distance.

Figure 4.8: Comparison of the different normal computations prior to adjustments.
Figures (a) through (d) display the normals at the control point and at the curve point
they belong to.

4.5.1 Normal Orientation

I want normal vectors which provide the basis for feature-preserving deformation if the
control points are moved along them. If all normals point to the same side of the curve,
this is only possible for convex curves. A curve with an in�ection point, i.e. a curve
that has left turns and right turns, will suffer a loss of features if such normals are used.

As Figure 4.9 demonstrates, there is a large difference between deformation result-
ing from the original, uniformly oriented normals, and the deformation resulting from
�ipped normals that change direction if the curve is non-convex, i.e. it has at least one
in�ection point. For the original normals, the right turn is enhanced whereas the left
turn vanishes. If the two points were moved by another normal length, the previously
non-convex polygon would become convex. This can be avoided if normals are �ipped
depending on the turning direction. For curves in a plane, one can compute the turn-
ing direction, however, in three-dimensional space, turning directions are not properly
de�ned. However, at the in�ection point, the relative position of the curve with respect
to the polygon changes (e.g. left/right).

This relationship can be exploited to �ip normals easily by applying the signs of
the distance vector from curve point to control point to the normal:

n(p i) = sign(p i �C(t k)) � (jn xj; jnyj; jnzj)T ;
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(a) Original, uniformly oriented normals.

(b) Flipped normals.

Figure 4.9: Control points p1 and p2 are moved in normal direction: changing the
normal orientation when the polygon changes its turning direction preserves features.

where tk is the curve parameter for the respective normal computation strategy. This
assumes that normals point from the curve towards the control point, as described in
the motivation of Section 4.4. Normals approximated from the control polygon do not
have any corresponding curve points. In this case, I use the same point that is used for
parameter-based normals (cf. Section 4.4.2) to compute the sign.

For surfaces, normals are �ipped in a similar manner:

n(p i j ) = sign(p i j � S(u k;wl )) � (jn xj; jnyj; jnzj)T ;

where uk;wl are the surface parameters for the respective normal computation
strategy. Normals approximated from the control mesh do not have any corresponding
surface points, so we use the same point that is used for parameter-based normals to
compute the sign.

At curve end points and surface corners, the sign is not de�ned as the distance
between control structure and curve/surface is zero. As I only move inner points, curve
end points and the entire surface border are left facing in the original direction.

Note, that the possibility to adapt normal orientation for feature preservation is a
major strength of control structure-based curve and surface de�nitions. At in�ection
points, the sign of a normal switches, so the sign function has a singularity, i.e. it is not
de�ned for these curve points. Similarly, the sign changes at saddle points, so again,
the sign function has a singularity, i.e. it is not de�ned for these surface points.
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So far, I have assumed that normals are provided along with the curve or surface.
In the following section, I present a technique to de�ne normal vectors for curves if the
tangent vector C0(tk) is known.

Computing a Normal Vector Given a Tangent Vector

All normal approximation methods I present are based on a tangent vector. A 3D vector
and its starting point de�ne a plane according to the Hessian Normal Form. The normal
vector I am looking for has to lie in this plane. However, its direction on the plane can
be chosen.

I want the normal vector to point towards the control polygon as I want the normal
direction to be a good representative for both control point and curve. Therefore, I
want the normal vector to lie in the plane spanned by the tangent vector and the vector
pointing from the curve point to the control point. Given the restriction to both this
spanned plane and the normal plane, the normal vector can be uniquely determined.

Let t = C 0(tk) be the tangent vector at parameter tk, and v = pi � C(t k) the vector
pointing from C(tk) to pi . Then I can de�ne the spanned plane's normal

nspan= t � v

which can be used to de�ne the desired normal

n = n span� t :

This is illustrated in Figure 4.10.

Figure 4.10: Computing a normal vector, given a tangent vector.

4.5.2 Local In�uence

The methods I have presented so far use the entire curve or surface as a basis, so
they have global in�uence of the curve on the normals. One of the main drawbacks of
direction-based normals and distance-based normals as de�ned in Section 4.4 is the fact
that they are not always uniquely de�ned. When there are several optimal solutions, it
is not clear which solution is the most desirable. Matlab, for instance, automatically
chooses the �rst optimum if there are several identical values. This leads to a bias
towards the values that appear earlier in arrays.

As seen in Figure 4.8c, a non-convex curve can have several points with normals
which run exactly through a control point. The last (right-most) curve point's normal
runs exactly through the second control point, thus it was chosen as a normal although
it is not a desirable result. In this particular case, the issue lies in discretisation. The
resulting normal was a slightly better match (i.e. passed closer to the control point)
than the expected curve point's normal.
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A non-convex curve (or a self-containing curve, e.g. a spiral) can have curve points
that are far away from a control point in parameter space, but very close to it in Euc-
lidean space. As seen in Figure 4.8d, the �rst (bottom left) curve point is much closer
to the fourth control point than any other curve point, including all points which would
yield a suitable result.

I want to restrict the search space for a suitable normal vector to the neighbourhood
of each control point. The question is: how do you de�ne a neighbourhood?

Bézier curves are constructed using Bernstein polynomials as basis functions. Fig-
ure 4.11 shows the Bernstein polynomials Bn

i (t) of degree n = 5. Each basis function
has its maximum at t =i

n [Far02b].

Figure 4.11: Bernstein polynomials.

I propose the introduction of local in�uence, similar to the concept of local control
as provided by B-Splines. Instead of using a knot vector, each control point pk can be
assigned a normal n(tk) for which tk lies in the range of values between the maxima of
Bernstein polynomials of the two adjacent control points:

k � 1
n

� t k �
k +1

n
:

These regions of interest are illustrated in Figure 4.12.
To determine the normal n(tk), only points C(t) 2 [C( k�1

n );C( k+1
n )] are considered.

4.6 Comparison

In the previous section, I introduced four different strategies to compute normal vectors
for control structure-based curves and surfaces. In this section, I compare how well
they ful�l the requirement of feature preservation given in Figure 4.2, and examine the
differences in computational complexity.
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Figure 4.12: Each point only considers a part of the curve for its normal.

Figure 4.13 shows a comparison of all different normal computation strategies at
the example of three different Bézier curves which present a variety of challenges.
These examples are the basis on which I evaluate each method.

The top row presents the results for the previously used wave-shaped curve. This
example exhibits typical properties of industrial surfaces: it bends in different direc-
tions but it does not self-intersect and it is not self-containing.

In addition, I examine some special cases which, although they are not desirable in
industrial modelling, may be of interest to other applications. The middle row presents
the results for a loop-shaped curve: this is a self-intersecting convex curve with a self-
intersecting polygon. The bottom row presents the results for a non-intersecting, self-
containing spiral control polygon with a self-intersecting curve.

Figures 4.15 and 4.16 show a comparison of each of the four stategies for surfaces.
In both �gures, I compare the results for global in�uence and local in�uence side by
side. While Figure 4.15 shows a convex surface for which uniform normal orientation
yields correct results, Figure 4.16 shows a non-convex surface, and it highlights the
effect of adjusting normal orientation.

4.6.1 Feature Preservation

Let me �rst look into the feature-preserving qualities of all methods. I start with curves,
and I move on to surfaces.

For the wave polygon (Figure 4.13a–4.13d), the most signi�cant difference between
the four strategies is that polygon-based normals and parameter-based normals intro-
duce self-intersections in the polygon, whereas direction-based normals and distance-
based normals preserve polygon topology. A comparison between direction-based
normals and distance-based normals shows that the in�ection point before and after
deformation stays the same for distance-based normals but not for direction-based nor-
mals. Therefore, distance-based normals produce the most faithful representation for
this example.

For the loop polygon (Figure 4.13e–4.13h), the results of 4.13f–4.13h look almost
identical. In all three cases, the loop grows uniformly in all directions such that the
original loop is centred in the deformed loop curve. One aspect that is noteworthy is the
slight variation in the top normal of Figure 4.13h, which does not point up vertically.
This is a discretisation issue: at a low resolution (100 points in this example), it is
less likely that the optimal point is contained in the dicretised curve than for a higher-
resolution curve. The same effect is present for parameter-based normals and direction-
based normals, but it has less impact. Polygon-based normals result in a slightly less
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convincing representation than the other three strategies as the centre of the loop curve
changes noticably through deformation, as seen in Figure 4.13e.

For the spiral polygon (Figure 4.13i–4.13l), the �rst thing of note is that for three
methods (polygon-based normals, direction-based normals, and distance-based nor-
mals), the edges of the deformed polygon are almost parallel to those of the original
polygon. However, for parameter-based normals, the results differ signi�cantly. This
leads to a shift in clockwise direction for the polygon, and a shift to the right for the
curve, both of which are not present for the other methods. Polygon-based normals
have a similar issue but to a lesser extent. Here, the different edge lengths at two
control points lead to slightly skewed normals. Direction-based normals and distance-
based normals yield very similar results which are faithful representations of the ori-
ginal polygon and curve.

Overall, there are two equivalence classes: as a whole, direction-based normals
and distance-based normals provide better results than polygon-based normals and
parameter-based normals. Within each equivalence class, performance depends on the
speci�c example.

(a) Polygon. (b) Parameter. (c) Direction. (d) Distance.

(e) Polygon. (f) Parameter. (g) Direction. (h) Distance.

(i) Polygon. (j) Parameter. (k) Direction. (l) Distance.

Figure 4.13: Comparison of the different normal computations using local in�uence
with changed normal orientations for three different polygons.

For surfaces, one can see particularly well how much difference it makes to reduce
search space to the neighbourhood of a control point . In Figures 4.15 and 4.16, each
column contains all four normal approximation strategies. In each row, I compare the
normals based on global in�uence to those based on local in�uence.
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One noteable difference between strategies is that direction-based normals and
distance-based normals perform much better using local in�uence than using global
in�uence. In comparison, mesh-based normals and parameter-based normals stay the
same. The main reason for this lies in their local nature: mesh-based normals do not de-
pend on the surface at all, and parameter-based normals naturally end up with a normal
from the neighbourhood unless the control mesh has very different edge lengths.

One major drawback of mesh-based normals is the dif�culty to adjust normal ori-
entation as this strategy relies solely on the control structure. A possible solution would
be to use surface points determined using the strategy described in Section 4.4.2 to de-
termine orientation. Alternatively, one could determine local minima, local maxima,
and saddles. This can be achieved by using discrete curvature de�nitions to determine
these structures.

This drawback of parameter-based normals is demonstrated in Figure 4.14. In this
example, the surface is planar in order to emphasise the connection between para-
metrisation and control mesh. The control polygon is plotted in colours, whereas the
surface and the distribution of its parameters is plotted in black (for u;w 2

�
0; 1

3; 2
3;1

	
).

As one can see, the parameter values corresponding to the control points do not line
up: the control point at (2;0) lies at u =13 of the length of the mesh border. The value
on the surface for u =1

3 lies at about (1;0), however the value of the surface at about
u = 0:5 would be a more appropriate choice.

Figure 4.14: Distortion in parameter distribution resulting from large differences in
edge lengths.

As pointed out before, when there are several optimal solutions, it is not clear how
to choose the correct one. Both direction-based normals and distance-based normals
exhibit a noticeable shift of normal vectors in one direction as the �rst optimal match
is chosen. This can be seen in Figures 4.15e, 4.15g, 4.16e, and 4.16g. These two
strategies are the strategies which bene�t most in runtime from a reduction of search
space.

Overall, direction-based normals and distance-based normals always provide good
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results if combined with the suggested adjustments, whereas control structure-based
normals and parameter-based normals depend heavily on the speci�c example at hand.

4.6.2 Computational Complexity

For the complexities given here, I assume that n is the number of control points, andt̄
is the number of curve points.

Control structure based normals are one of the fastest methods at an ef�ciency in
O(n). Each edge normal has to be computed [n �1 edges, since computing a normal is
assumed to be constant]. Then, each pair of neighbouring edges is averaged using the
edge lengths as a weight [n � 2 pairs].

Parameter-based normals also have an ef�ciency in O(n). Each edge's length has
to be computed [n �1]. There are r � n edges which are visited twice [n].

Both direction-based normals and distance-based normals require the search for a
minimum over the whole parameter space. Depending on the desired normal accuracy,
the number of parameter valuest̄ can be chosen.

Direction-based normals further require calculating the distances Di between nor-
mal planes and each control point [n] for each parameter [t], so the ef�ciency lies in
O(n2t̄). Computing D has quadratic complexity since two polynomials are multiplied.

Similarly, distance-based normals require computing the distances between n � 2
control points and each parameter [t̄]. Their complexity therefore lies in O(nt̄).

As n � t̄, both methods have complexities in O(t̄).
Overall, the complexity rises with the expected result quality.

4.7 Conclusion

The main objective of this chapter was to develop a method to de�ne normals on a
discrete mesh, wish special focus on Bézier surface patches.

I have presented four different methods to compute normals and evaluated their
impact during deformation. Polygon-based normals can be used for arbitrary meshes,
whereas the remaining three techniques are more speci�cally aimed at Bézier surface
patches. However, the same concepts can be applied to other techniques which de�ne
curves or surfaces through control structures. Some examples include Bézier triangle
patches, or Coons patches.

One major problem of direct manipulation of a curve (or surface) is, that it only
provides continuous results for convex curves (or surfaces). A non-convex curve's
normals should �ip at in�ection points to preserve characteristic features. Similarly,
a non convex surface's normals should �ip at saddle points to preserve characteristic
features.

Control structure-based normals provide a very fast normal approximation. They
work well on convex structures but have dif�culties with non-convex structures. The
major advantage of this technique is its independence of curve or surface resolution.
Overall, the results are not as good as those produced by other strategies.

Parameter-based normals provide a fast normal approximation. They work well
on control structures with edges of uniform length, however, large differences in edge
length can result in signi�cant errors. This can be seen in Figures 4.13j and 4.14.
Resolution plays a noticeable role in quality, as a curve or surface point of similar
parameter value as the control point are required. For applications which value speed
over accuracy, this method may be a pro�table choice.
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Direction-based normals provide accurate normal approximations if combined with
local in�uence. Accuracy depends on curve or surface resolution as a higher number
of points increases the likelihood of an exactly �tting normal. They are slightly slower
than the �rst two strategies but still perform very well.

Distance-based normals provide a very accurate approximation if combined with
local in�uence. Like direction-based normals, they are slightly slower than the �rst two
strategies as the ef�ciency depends on resolution. However, they balance the additional
effort with very good results. In most examples, distance-based normals performed
slightly better than direction-based normals.

In addition to these normal de�nitions, I have introduced two additional techniques
which can be combined with a variety of methods.

First of all, I have adjusted normal orientation to preserve surface features through-
out the deformation process. This is not possible for analytically de�ned curves or
surfaces. Re-orienting normals and directly deforming the curve in normal direction
introduces discontinuities to the curve. This problem can be solved by deforming
the control polygon or control mesh, as presented in this chapter. Therefore, con-
trol structure-based methods are at a distinct advantage for feature preservation. If
adequately oriented normals are provided, interaction with the surface model becomes
much more intuitive for industrial surface designers: pulling on a surface in normal
direction makes a feature bigger, and pushing on it makes it smaller, no matter where
on the surface the feature is located, and in which direction it bends.

The second technique introduces the concept of local in�uence to all techniques
except polygon-based normals which are local by nature. Instead of basing the nor-
mal computation on the entire surface (e.g. searching through all points when trying
to �nd the closest one), only points that are reasonably close in parameter space are
considered. This has the advantage that the three-dimensional location in space can
be arbitrary. While this technique is aimed at normal computation, it can serve as a
(slightly more dynamic) neighbourhood de�nition for any neighbourhood-based tech-
nique.
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(a) Global in�uence mesh-based normals. (b) Local in�uence mesh-based normals.

(c) Global in�uence parameter-based normals. (d) Local in�uence parameter-based normals.

(e) Global in�uence direction-based normals. (f) Local in�uence direction-based normals.

(g) Global in�uence distance-based normals. (h) Local in�uence distance-based normals.

Figure 4.15: Surface mesh normals for a convex mesh using global in�uence and local
in�uence. As all normals point to the same side of the surface, normal reorientation is
not demonstrated in this �gure.
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(a) Global in�uence mesh-based normals. (b) Local in�uence mesh-based normals.

(c) Global in�uence parameter-based normals. (d) Local in�uence parameter-based normals.

(e) Global in�uence direction-based normals. (f) Local in�uence direction-based normals.

(g) Global in�uence distance-based normals. (h) Local in�uence distance-based normals.

Figure 4.16: Surface mesh normals for a non-convex mesh using global in�uence and
local in�uence. The normals along the boundary all point in the same direction, the
normals at inner points are reoriented as described in Section 4.5.1.



Chapter 5

Adaptive Particle Relaxation for
Time Surfaces

5.1 Motivation

Computer simulation has become a staple of virtual prototyping. After a masterpiece
has been modeled, engineers can run simulations on the model. This serves to evalu-
ate physical properties and behaviour of the model and its environment under different
conditions, i.e. different parameter settings. In a further step the model can be tweaked
to optimise properties or behaviour. This simulation-and-optimisation process is iter-
ated until a satisfactory result has been achieved.

Simulations can be run to evaluate the model's material, or to evaluate what hap-
pens in the model's environment. One typical application is to analyse �ow behaviour
(e.g. air or water) around a model. First, a simulation is run to determine how a �ow
evolves in the proximity of an object. Then, the resulting �ow �eld can be analysed
to identify potential problems in �ow behaviour. In case of undesirable behaviour, the
model can be adapted to avoid the problems. To analyse �ow behaviour, it is very
helpful to visualise it. This can be achieved by inserting particles into the �ow �eld
and tracing their movements individually or as a group. There are a variety of different
particle-based �ow visualisation techniques.

Integral surfaces are a versatile tool for �ow visualisation. They build on the
strengths of particle-based approaches for the illustration of �uid transport, while at
the same time providing a more continuous display of �ow manifolds than particles
or line-based techniques. Recent improvements in extraction and visualisation meth-
odology have made �ow surfaces a key analysis and visualisation tool. They are used
in application areas such as the design and optimisation of aerodynamic vehicles or
industrial mixing devices.

Extracting �ow surfaces is a highly non-trivial task. The complexity of surface
extraction and visualisation procedures is heavily in�uenced by properties of the �ow
�eld at hand. Complex and turbulent, time-varying �ow �elds, for example, frequently
cause parts of the �ow surface to undergo strong stretching, folding, and shearing.
Since �ow surfaces are typically represented as triangular meshes of �ow particles, this
excessive stretching and deformation of the mesh may result in degenerate or highly
distorted triangles and a generally bad sampling of the actual surface. In order to avoid
numerical and visual artifacts, such degenerate surface meshes are to be avoided.

55
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A solution to this problem is given in the form of adaptive surface extraction tech-
niques. These techniques dynamically insert and remove �ow particles from the surface
representation to maintain an appropriate mesh quality and resolution. However, such
re�nement strategies are not without disadvantages: they generally lead to unpredict-
able increases in computational complexity (advection times and load-imbalance) and
memory requirements (mesh complexity).

In this chapter, I propose a novel strategy for the adaptive extraction of time sur-
faces in large time-varying datasets, which is partially based on [BOJH15]. Instead of
performing dynamic mesh re�nement during integration, I employ a relaxation method
that distributes a �xed-size, large set of �ow particles evenly across an accurate, bicubic
representation of the time-surface. I achieve such a particle redistribution ef�ciently by
performing a highly parallel energy-based optimisation of particle locations in 2D sur-
face parameter space. This two-dimensional optimisation is enabled through the use
of CAGD fundamentals. Metric tensors allow for the encoding of three-dimensional
surface stretching in a two-dimensional surface parameter space. They can therefore be
used to counteract the negative effects of surface stretching and shearing on the mesh.
Gauß curvature encodes the local bending of a surface. It can therefore be used to adapt
surface resolution for a better sampling of smaller features.

I demonstrate how this novel form of time surface adaptivity can contribute to a
more balanced and concurrent surface extraction, and I evaluate accuracy and perform-
ance bene�ts of the proposed approach.

In summary, this chapter makes the following contributions to the �eld of �ow
visualisation:

• An adaptive particle system for �ow surface representation.

• A technique for metric-tensor based time surface relaxation.

• A technique for curvature-based time surface relaxation.

• A method for accurate bicubic time-surface approximation.

• Techniques to optimise mesh quality.

After establishing a scienti�c and mathematical background in Sections 5.2 and
5.3, I detail these contributions in Section 5.4 and 5.5. Section 5.6 discusses the value
of the proposed techniques in the context of multiple benchmark datasets.

5.2 Related Work

Flow surfaces are an integration-based geometric �ow visualisation tool [MLP+ 10]
whose use in various application domains has increased steadily since Hultquist [Hul92]
de�ned adaptive stream surfaces for steady �ows in the 1990s.

Advection of �ow surfaces through a velocity �eld may cause strong shape changes,
including stretching and folding, requiring the implementation of surface maintenance
techniques. Modern adaptive �ow surface extraction techniques [GKTJ08, KGJ09,
OHBKH11] perform mesh maintenance throughout the surface generation process, to
balance computational costs due to integration with low surface accuracy due to insuf�-
cient resolution. Mesh adaptivity measures include edge �ipping, splitting and merging
and typically result in strongly increased �ow surface particle numbers. Especially in
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regions with strong �ow divergence, i.e., strong surface stretching, the resulting num-
ber of particles in the re�ned mesh is high and extremely hard to predict.

In typical compute environments, the involved increases in particle numbers take a
signi�cant toll on space and time complexity of adaptive surface extraction algorithms.
In settings, where multi-core computing environments are used [CCG+ 12, CKP+ 13],
such adaptive surface extraction techniques lead to increased communication between
compute units and create spatially unbalanced data reads – two of the typical bot-
tlenecks of parallel computing. The computational ef�ciency of such approaches,
including surface extraction techniques based on Graphics Processing Units (GPU)
[BFTW09], may therefore bene�t from keeping the number of particles constant and
their positions evenly distributed.

In this work, I propose the use of relaxation techniques to allow for this type of sur-
face mesh adaptation. The incremental nature of time surface advection together with
the availability of an underlying vector �eld make it possible to maintain a well-formed
mesh by distributing a �xed number of �ow particles in an 2D anisotropic metric tensor
�eld. General relaxation techniques are not uncommon in visualisation, and have, for
example, been extensively used for implicit surface meshing [MWK+ 08, Mey08] or
other scalar �eld feature extraction techniques such as crease sampling [KESW09].

Additionally, anisotropic sampling of (static) parametric surfaces is a well-researched
topic in CAGD. Examples of surface re�nement through particle insertion is given
in work by Szelinski et al. [ST92]. Others [BH96] use metric tensors to remesh 2D
domains. Both types of techniques rely on the insertion or deletion of mesh nodes,
whereas I favor the redistribution of an existing set of particles. Shimada et al. [SYI+ 97]
solve the anisotropic meshing problem by packing ellipsoidal bubbles in meshes of
static surfaces.

More recently, such techniques have been adapted to evolving meshes [JCNH10].
Jiao et al. propose an algorithmic technique that makes use of non-physically motiv-
ated vertex redistribution similar to Laplacian smoothing, and mesh maintenance. The
latter involves edge splits and merges, effectively changing the number of overall mesh
nodes/surface particles. Recently, a general metric-based particle remeshing strategy
for surfaces was proposed by Zhong et al. [ZGW+ 13].

I refer to Owen [Owe98] for a survey of mesh generation techniques that includes
particle-based relaxation strategies. In visualisation, Obermaier et al. [OJ12] pack el-
lipses in surface parameter-space to enhance the visualisation of �ow surface prop-
erties. Similar mathematical concepts may be used to improve the quality of recon-
structed surfaces. Schneider et al. [SWS09], for example, use these velocity gradient
tensors to produce more accurate stream surface representations by means of provid-
ing tangents for higher-order reconstruction, a goal that is also shared by the present
work. I extend these previous works to ef�cient, adaptive time-surface generation in
time-varying vector �elds.

It is notable that behaviours of my surface generation technique are closely in-
terconnected with divergence measures well-known in the �ow visualisation com-
munity. Haller's [HY00] notion of Lagrangian Coherent Structures and related di-
vergence measures have been used in one form or the other in several works focused
on the visualisation of volume or surface deformations [OHBKH09, AOJ13].
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5.3 Flow Surfaces

5.3.1 Basic De�nition

A �ow surface S(u;w), S : W � R2 ! R 3 is a two-manifold with parameterisation
(u;w), whose shape is governed by advection properties of a �ow �eld V .

In the context of this paper, I focus on a subset of �ow surfaces, so called time
surfaces. A time surface St is a �ow surface that tracks the evolution of a set of �ow
particles p(u;w). Given a time-varying 3D �ow �eld V : R3 � R ! R 3, the shape
of the surface over time is de�ned by advection of these �ow particles. Speci�cally,
individual positions p(u;w) on the surface over time evolve along path-lines

pt (u;w;t0) = p t0(u;w;t0) +
Z t

t0
v(pt (u;w;t0); t)dt ; (5.1)

with pt0(u;w;t0) being the original position on the seed surface. In practice, this
evolution of particle positions – resulting in a change of surface shape and location – are
computed through numerical advection. Since continuous representations of �ow sur-
faces are generally not available, a time surface St typically consists of a discrete set of
�ow particles p(ui ;wi) which are advected and tracked over time. Speci�c continuous
instances of the time-surface are represented by a triangulation of this set, the surface
mesh. The most practicable solution to the surface meshing problem is to de�ne an ini-
tial surface mesh for St0, which is then adjusted and maintained as the surface evolves
over time.

5.3.2 Adaptivity Measures

The representation of time surfaces as sets of discrete �ow particles leads to sev-
eral challenges during surface generation. First and foremost, unsteady �ow often
induces signi�cant relative stretching and shearing motions, resulting in the separ-
ation of neighbouring �ow particles. Together with a mesh-based surface repres-
entation, this frequently leads to ill-formed, degenerated, or very thin or large tri-
angles. Additionally, it is not clear how to de�ne the desired number of discrete �ow
particles in a way such that the surface is optimally sampled. These observations
have lead to the development of a number of adaptive surface generation techniques
[GKTJ08, Hul92, KGJ09, OHBKH11]. These techniques control surface mesh qual-
ity by inserting new �ow particles into the surface representation. Several heuristics
may govern this insertion process. Typically, �ow particles are inserted along stretched
edges of the surface mesh, or on overly large triangles. Together with Delaunay-based
edge �ipping, this ensures that the quality of triangles in the surface mesh does not de-
generate. However, these adaptivity measures have several drawbacks. First, purely
mesh-based re�nement leads to the introduction of errors during particle insertion,
since piece-wise linear surface representations tend to be inaccurate. Second, the inser-
tion of new triangles makes surface size, memory usage, and extraction times highly
unpredictable, and – in the worst case – may lead to strongly unbalanced surfaces and
particle densities. I aim at resolving these issues by keeping �ow particle numbers con-
stant and counteracting stretching by particle redistribution. This redistribution hap-
pens in u�direction and w�direction on the surface. However, points that lie on the
surface border are restrained to movement parallel to the border to preserve parameter
space. To further improve accuracy, particles are not moved by linearly interpolating
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between end points. Instead, I �t a cubic Coons patch that represents positions as well
as local curvature.

5.3.3 Metric Tensors

Stretching of a parameterised surface can be represented mathematically in the form of
metric tensors. Given two 3D surface tangents in parameter-space, tu; tw, the corres-
ponding 2D metric tensor in the surface is

M =
�

g11 g12
g21 g22

�
; (5.2)

where gi j = t i � t j are the components of the �rst fundamental form.
This metric tensor describes the local stretching of space in 3D with respect to a

given parameterisation. As indicated in previous work [OJ12], these metric tensors are
useful representations of surface stretching, deformation, and mesh quality. The ability
to quantify the amount of stretching undergone by a surface allows us to develop a re-
laxation strategy to balance the surface sampling and improve overall surface sampling
and mesh quality.

5.3.4 Surface Properties

For the remainder of the paper, I assume the availability of the following data. An
initial time surface St0 together with a 2D parameterisation and a time-varying vector
�eld V . The time surface consists of a set of m �ow particles p with initial positions
pt0(ui ;wi), velocities v, tangent vectors tu; tw 2 R3 and normals n. Additionally, the
initial surface is triangulated with a surface mesh consisting of triangles, vertices (the
�ow particle positions) and edges. Each triangle knows all triangles that it shares an
edge with, while every vertex keeps a list of neighbouring vertices and triangles.

In reference to the notion to doubly-linked edge lists and to avoid confusion with
vertices' neighbour triangles, I call the triangle neighbours twins.

5.4 Adaptive Particle Relaxation

My examples start as planar surfaces on a uniform grid, however, my method works
for any triangulated and parametrised 2-manifold.

For a uniform relaxation, each particle has an energy function that is highest at its
position and decreases with distance. This gives us a scalar �eld of energies. For a more
even particle distribution, one can move the particle opposite to the gradient towards
lower energy. For a feature-dependent particle distribution, the energy is based on local
curvature. Instead of moving away from the gradient, I move the particle in gradient
direction towards higher energy, I start with particles moving in parameter space and
determine what happens to the particle in 3D.

One of the advantages of computing the change of a metric tensor is that I am
able to use it to improve particle placement. Time surfaces are usually created by
integrating a set of pathlines and connecting the particle positions at speci�c instances
in time to form a surface. Since pathlines (particle traces) can diverge strongly, the
surface resolution becomes unbalanced after a few advection steps.
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(a) Original surface. (b) Surface after uniform relaxation.

(c) Surface after feature-dependent relaxation. (d) High-resolution surface.

Figure 5.1: Comparison of lower-resolution surfaces (50x50) prior to relaxation and
after each relaxation technique, to a higher-resolution surface (300x300).

The advantage of a curvature-based energy function is that one can adapt the sampling
to feature size, as small surface features tend to have higher curvature, and large surface
features tend to have lower curvature.

Figure 5.2 shows a schematic overview of my method.

5.4.1 Particle Advection

A time surface S in t0 is represented by a set of m particles pi . In order to trace the
surface through the �ow �eld V , these particles are advected by numerical integration.
For mathematical simplicty, I limit my description to simple Euler integration. Higher-
order schemes may be used to increase the accuracy of particle traces.

At time t the motion of a particle (vertex of the surface mesh) with parameters
ui ;wi 2 W and position in space pt (ui ;wi) is governed by the value of the velocity �eld
at p. Following Euler integration the particle position at time t +Dt is computed as

pt+Dt (ui ;wi) = p t (ui ;wi) +Dt � v(p t (ui ;wi);t) :

Higher-order schemes may be used to increase the accuracy of particle traces. Ve-
locity vectors at particle positions are obtained through interpolation.

In addition, there are some properties that can be derived from the surface. Tangent
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(a) Work�ow illustration of the proposed relaxation-based time-surface extraction process.

(b) The surface relaxation step consists of multiple tasks.

Figure 5.2: Work�ow illustration of the proposed relaxation-based time-surface extrac-
tion process.

vectors of �ow particles tu; tw may also be integrated alongside the velocity �eld. They
de�ne the normal n = tu � t w.

To integrate these tangents, I make use of the velocity gradient tensor Ñv(pi), where
p+

x = p i + (e;0;0)T ; p�
x = p i � (e;0;0) T etc. the velocity gradient tensor is obtained

through �nite differencing as

Ñv(pi) =
�

v(p+
x )�v(p �

x )
2e ;

v(p+
y )�v(p �

y )
2e ; v(p+

z )�v(p �
z )

2e

� T
:

For points at the boundary of the dataset, I use forward/backward differencing. The
evolution of tangent vectors during advection may now be computed as (c.f., [OJ12])

tu;t+Dt = t u;t +Dt � hÑv(pi); tu;ti (5.3)

tw;t+Dt = t w;t +Dt � hÑv(pi); tw;ti : (5.4)

The availability of accurate �ow particle positions and tangent vectors allows for
precise modeling of the extracted time-surfaces. While positions are generally enough
to construct piece-wise constant surface meshes, the availability of correct tangent in-
formation facilitates the computation of tangent-space stretching as well as the con-
struction of higher-order surface representations. The particle information obtained
during advection is the basis for the proposed relaxation procedure.

5.4.2 Particle Relaxation

During advection, neighbouring �ow particles may have separated, or moved closer
together, resulting in spatially varying particle densities across the surface. Often, this
leads to a less balanced surface and �ow �eld sampling. I aim to improve surface
sampling using two different methods to redistribute �ow particles across the surface
in procedures which are termed particle relaxation in the following.
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Uniform Particle Relaxation achieves a more uniform surface sampling by employ-
ing a density-based relaxation function. This function employs a deformation
tensor to counteract surface shearing and stretching resulting from particle ad-
vection.

Feature-Dependent Particle Relaxation achieves a feature-dependent surface sampling
by employing a curvature-based relaxation function. This function redistributes
particles from low-curvature areas with few (and large) features to high-curvature
areas with smaller features.

Since particles move in surface tangent space during relaxation, I am able to per-
form the involved relaxation procedures in a 2D space, followed by a projection onto a
local, accurate 3D representation of the surface. Both methods compute a local scalar
�eld in the particle neighbourhood, and they perform relaxation in 2D surface para-
meter space based on its gradient (see Figure 5.2(b)). This scalar �eld encodes the en-
ergy which can be based on the neighbourhood of a particle. In energy-based particle
relaxation procedures, particle positions are optimised based on a globally nonlinear
energy minimisation scheme. Mathematically, I estimate this energy function locally
as follows.

Given a particle in parameter-space pi = (u i ;wi) with n neighbours pj = (u j ;w j ),
the energy e at pi is given as a summation of 2D energy kernels E:

e(pi) = å
p j 2N2(p i )

E(pi ;p j ) ; (5.5)

where N2 is the two-ring of neighbours as given by De�nition 2.4.
Based on these energy kernels, a direction of force fi along which the particle is

moved can be computed. This direction is equal to the negative gradient direction of e:

f i = �5e = �

 
¶e(pi )

¶u
¶e(pi )

¶w

!

: (5.6)

Figure 5.3: An illustration of the force function fi in 1D and 2D. The 2D representation
includes isocontours and examples of inverse gradient directions.

An explicit form of this gradient can be derived directly from Equation (5.5). A
schematic representation is presented in Figure 5.3.
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¶e(pi)
¶u

=
¶
¶u å

p j 2N2(p i )

E(pi ;p j ) = å
p j 2N2(p i )

¶
¶u

E(pi ;p j ) ; (5.7)

¶e(pi)
¶w

=
¶

¶w å
p j 2N2(p i )

E(pi ;p j ) = å
p j 2N2(p i )

¶
¶w

E(pi ;p j ) : (5.8)

Computing this gradient allows me to move particles in parameter-space. Each
iteration of particle relaxation accelerates the particle according to fi

vi+1 = v i + f i � steprelax; (5.9)

and causes immediate displacement in parameter-space as

pi+1 = p i +v i+1 � steprelax: (5.10)

The relaxation step width steprelax can be varied to adapt the amount of change in
each iteration of the relaxation.

steprelax =
maxedge+minedge

2
� c ;

where c = 0:08 � fmax.
Note that, because values of e itself are not required for the proposed relaxation

techniques, it is suf�cient to give a de�nition of ÑE.
To constrain particle movement to surface parameter-space W, I impose the follow-

ing restrictions on particle movement:

Corners Corner particles remain �xed in parameter-space

Borders The movement of particles located on the boundary of surface parameter-
space is constrained to displacement parallel to the boundary.

These two restrictions ensure an accurate representation of ¶W, and at the same
time they constrain particle movements to inner regions of parameter space (i.e., avoid
an explosion of the particle system). For some datasets, border particles require addi-
tional weights to avoid accumulating particles along borders.

Uniform Particle Relaxation

The goal of uniform particle relaxation is to counteract the deteriorating sampling
caused by particle advection, and to achieve a uniform sampling of the surface. As
pointed out in Section 5.3.3, metric tensors encode surface stretching and shearing.
Since I want to counteract this stretching and keep the particles well-distributed on the
surface, I use the conjugate metric tensor T as a deformation tensor to adapt spherical
energy kernels:

T = M �1 =
�

g11 g12
g21 g22

� �1

=
1

det(gjk)

�
g22 �g 12

�g 21 g11

�
: (5.11)

Spherical energy kernels E, e.g., isotropic Gaussian functions, directly represent
local particle density as energy. A higher value in energy indicates a denser particle
distribution, and a lower value in energy indicates a sparse particle distribution. As a
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consequence, moving particles away from regions with a relatively high density auto-
matically results in more even particle distributions on the surface.

Let pi j = p j � p i be the directional vector of pi to its neighbour, then

ÑE(pi ;p j ) = d(p i ;p j )2 �
pi j

kpi j k
(5.12)

is the energy kernel of pj in�uencing pi , and the function

d(pi ;p j ) = r � c �

s
pi j

kpi j k

T
� Ti �

pi j

kpi j k
� kp i j k; (5.13)

where c = 45
pr6 is constant, gives a distance-based energy which depends on local

surface distortion.
The scaling radius r is determined by relative scaling of surface to parameter-space.

It depends on the number of points in u- and w-direction: r = a � (1
#u + 1

#w), where a
depends on the dataset.

This kernel function is conceptually similar to quadratic (spiky) gradient functions
found in previous work (e.g., Clavet et al. [CBP05]) and is illustrated in Figure 5.3.
However, introducing the conjugate metric tensor generally creates anisotropic dens-
ity kernels. Including this tensor has the following effect: particles that separate in
3D cause a stretching of parameter-space. This stretching is directly represented by
the metric tensor. Its conjugate represents the inverse of this stretching. As a con-
sequence, the radius of the kernel function is compressed in directions of stretching
(causing particles to move closer to one another) and extended in directions of contrac-
tion (causing particles to move further apart). This situation is depicted in Figure 5.4:
particles move away from high-density areas. Through the deformation of the radial
energy function, density increases further in regions particles were advected to, and it
decreases in the direction they came from. For more intense stretching through advec-
tion, the density is decreased more. This leads to particle movement in the opposite
direction of previous stretching, and therefore, to a more uniform particle distribution.

Figure 5.4: Role of the metric tensor (shown as ellipses) and its inverse during particle
relaxation.

Figure 5.5 illustrates what the density function looks like. Some particles are high-
lighted for illustrative purposes. For each of its neighbours, the density function is
represented as a fuzzy ellipsoid. Particles are represented by glyphs.

Feature-Dependent Particle Relaxation

The goal of feature-dependent particle relaxation is to achieve a feature-dependent sur-
face sampling. Fine features should be sampled with a �ner resolution than coarse
features. Surface features occur where the surface bends. This bending results in an
increased local curvature.
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